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Al for All - Question Bank

1. FEOR ST 4 daAT 7

A. STaT |

B. CO: i< body heat &
C.FUSI HETH

D. aT+Y & e &

3B

2. Honey Bees Wffﬁ?ﬁﬂﬂﬁ?ﬁ'ﬂ'waﬂ?ﬁ%’?

A. 35HT SART
B. Dance pattern
C. {1 S ofet
D. 3TaTS fAehreretT
3B

3. Sunflower FT HIST T TE AT fFH THR #¥ intelligence 3?7

A. Social intelligence

B. Plant intelligence (Heliotropism)
C. Memory intelligence

D. Electrical sensing

3B

4. Shark 379 fUFR 1 ¥ # gar gt W &ff frard wgamereht 82

A. Smell

B. Electrical field sensing
C. Sound waves

D. Visual memory

3B



5. Spider &1 JTelT fFH YHR T intelligence FT 3ETEIT 87?

A. Emotional intelligence

B. Architectural intelligence
C. Social intelligence

D. Limited memory

3B
6. Octopus JAfee puzzles g FT ThdT ¢ FIITh 3TF II:

A. T erfFaerel fGer &

B.9 brains &
c,agaéagaﬁfﬁ%l%%
D. 37cafieh drehe &

3 B

7. Amoeba ¥ intelligence 50 T # f@g & g2

A. High memory

B. Primitive chemical response
C. Social learning

D. Tool making

3q:B
8. Dolphins f&® a3 # intelligence ¥ AT FATHY FATCT 2

A. Visual intelligence

B. Mathematical intelligence
C. Social intelligence

D. Electrical intelligence

I C

9. Eagle 3 km g & @O 4@ HHdT § — TE FI+7 Al intelligence 3?7

A. Emotional intelligence
B. Visual + mathematical intelligence



C. Social intelligence
D. Memory intelligence

3W: B
10. Intelligence FT 37Tl A FATE?

A. 3 ¥ calculation

B. WEI §AY W T vy
C ElgFrRI'IE.T memory

D. Shdol HTST AATeT

3q:B

11. Human digestive system #¥ intelligence Fd g\t &2

A. Conscious
B. Automatic biological intelligence

C. Emotional
D. Random

I:B
12. Self-awareness T Addd %’:

A. SITET IoTS

B. T & IR A @
C. 7N AT

D. Machine &I TelT=TT

3¢ B
13. Intelligence a1 fA%OT §?

A. &hd speed
B. g HATATHS &I T Hel
C. hdel memory



D. &hdd imagination
3B

14. Sunflower g Y4 e i e F4t F3ar@?

A gaTdr ag &

B. 378 sunlight et & forw

C. IXT4T (pollinators) T AR Fel & [olT
D. 9TeAY Y &Y & SHROT

30%:B
15. Al 357 HTHT ) Fcll § 9N IMAAR I fFaa ganT e s 82

A. forsTelr

B. ATTd Se o
C. 7MeT & of

D. AlgA

3B

16. Al T single machine g1, afew FaT8?

A. &ddl software
B. Technology family
C. %hddl robot
D. &hdef hardware
3B

17. Phone &1 Face Unlock &1 %"

A. Automation
B. Facial Recognition Al
C. General Al



D. Super Al
3B

18. Amazon T “Recommended for you” fFTH aog T gdT18?

A. Random guess

B. Human operators
C. Al pattern analysis
D. GPS

I C
19. YouTube 3TTH) relevant videos FI} R@TaT 2

A ST FrEdis
B. Al user behavior fl@ar g
C.Time zone

D. Phone model

3B

20. DigiYatra system f»3d technology U 3TeRd 872

A. Fingerprint scan

B. Manual checking

C. Face Recognition Al
D. Bar-code scanner

3% C
21. Generative Al (GenAl) FIT &I TFHdT 8?

A. &ddl detect
B. hddl identify
C. New content §T HehclT &
D. %had duplicate
3X: C



22. Al doctors &1 FH ASE FATE?

A. Bed allotment

B. X-ray 3{IX reports analyze &3=T

C. Hospital cleaning

D. Medicines ST
3d:B

23. GenAl f7¥ 3MaR I H@arg?

A. f&% U fhare

B. $cTeic W HISIE 3l 3680l
C TR BT

D.fSsT data s

3B

24. Narrow Al ) 3R FATFFTIAEATE?

A. Strong Al

B. Weak Al

C. Emotional Al
D. Full Al

B
25. Narrow Al f»a# AT 8lar &2

A FSHHATH
B. hdof Ueh specific task 3
C. Feelings THSTA H
D. 379 3T Hreet #
3a%:B



26. Google Maps T YR &I Al §?

A. Super Al

B. General Al

C. Narrow Al

D. Self-aware Al

I C
27. General Al TAHTT # F31 AlS[g 87

AR AEBTH

B.hddl theory 3iX research &
C. Hospitals

D. Factories H

3d¢:B
28. General Al FIT HT FH?

A. TS training & &5 &1 JIGT
B. Shdlol Teh &hTH

C.%dd calculations

D. shalol HI@el

JAGA

29. Super Al 3T o GTATH §?

A. Fully deployed
B. hdof imagination + research
C. B STTg His
D. %hdd laptops H
3B



30. Reactive Machines #! 4% 93) RAvar #=arg?

A. Memory 8T &

B. Feelings Eﬁ?ﬁ%"
C. %hdcl present moment U react Xd g

D. Human-like planning

3 C
31. IBM Deep Blue f&H &R &Y Al 2fi?

A. Self-aware

B. Reactive Machine
C. Theory of Mind
D. General Al

3B
32. Limited Memory Al:

A. Long-term memory 3ddTl g
B. Short-term data T 39T T &

C. 1S data 78T I@dT
D. T& &I FHST &
3B

33. Self-driving cars & Y& FI Al HT 3TIT FIAT §?

A. Reactive

B. Theory of Mind

C. Limited Memory Al
D. Super Al

I C

34. Theory of Mind Al f&® TosTar I HIfAer HIam?



A. Weather
B. Human emotions 3iT intentions
C. Plants

D. Machines i1 3H

3¢ B
35. Theory of Mind Al 3Tt

A. 90 RE 51 Jh1 &
B. Research stage H g
CEERAF
D. Mobile apps # &
3a:B

36. Self-aware Al #Y HEY &TH T 1 graf?

A. &ad rule follow

B. 3791 e, T TgdiTeT HHSAT
C.hddl memory sl

D. coding &h3{T

3da:B

37. Self-aware Al FT T 3T AT FATE ThdT 6?7

A. Slow speed
B. Independent decisions

C. Small memory
D. Low battery

3B

38. Automation f»g W 3maRA AT ??



A. Feelings

B. Fixed rules
C. Creativity

D. Randomness

B

39. Washing Machine fhHHT 3eTEIoT 7

A. Al

B. Automation

C. Super Al

D. Emotional system

B

40. ATM/Ticket vending machine FIT8?

A. Al

B. Automation
C. Self-aware
D. Super Al

I:B

41. 8T Monday fixed email AT FATE?

A. Smart Al

B. Automation

C. General Al

D. Self-aware behavior

I:B

42. Factory &I conveyor machines FIT gl §?

A. Automation

B. Super Al

C. General Al

D. Limited Memory Al

3G A



43. Canteen app FT “3T9 fahd=il TR TAIAT order fHAT” ATE T@AT HieT TY Al 872

A. Reactive

B. Limited Memory Al
C. Super Al

D. General Al

3B
44. Al factory # FIT analyze T HHaTE?

A. Workers I skill
B. Fabric tear pattern
C. Machine faults
D. T8l

Id:D

45. Automation FIT AET HT GHdT?

A. Repeat

B. Learn

C. Fast work

D. Follow instructions

3q:B
46. Al 3T Automation FT HET 3 FIAT8?

A. Automation Jrrdr ’5L
B. Al T@dT §, Automation SIglIdT &
C. Al repeat T &
D. St HATT &
3¢ B

47. IOy 1 reerearlt sy Al # fFa srqaron F w9 fawe A Sar e?



A. Neural Network

B. Rule-based Generative Grammar
C. Reinforcement Learning

D. Deep Learning

B

48. 9ITOIfr & ¥ fFH computational principle & TATT §?

A. Data Mining

B. Step-by-step deterministic Algorithm
C. Random Forest

D. Backpropagation

B

49. TAarel &7 I5-1g’ FoI-fAsrTaTeT foFr Jmyfores Teheiteh & o 3Tt fArerar-Serar
e?

A. Unicode system

B. Binary encoding (0 3iX 1)
C. Hashing

D. Vector Embedding

Id¢:B

50. Aryabhatta %I “FgehR JeHTa” Iy fae Hegel [ # fFH approach &
W §?

A. Breadth-first search
B. Divide-and-Conquer
C. Genetic Algorithm
D. Convolution

3B

51. “Divide and Conquer” &Y @YY ML H @ yfshar & @i &2



A. Hyperparameter tuning
B. Decision Tree splitting
C. Output normalization
D. Gradient clipping

B

52. Brahmagupta FT e I T HE&IT § TI # FA1AT F31 778 Al 847 & fow

foundational ATAT ATATE?

A. Speech Recognition

B. Numerical Computation
C. Robotics scaling

D. Prompt Engineering

I:B

53. Panini-Pingala-Aryabhata-Brahmagupta a?ralcwﬁmam[&em
evolution &Y 21T 872

A. Memory - Speed - Automation - Security
B. Logic — Pattern — Algorithm — Computation
C. Data -~ Model — Prediction -~ Deployment
D. Input - Token - Layer — Output
3B

54. T3Sl T Binary Concept zero & TASHR T T fohdet a¥ Uga 3TAT?

A.50 @Y
B.2003Y¥
C.750 9%
D. 1500 a¥
3 C



55. 3T f¥arer Y Yorel F 9% AR ‘o’ FT 3R A1 fFw AE ¥ data

representation ¥ QT ATATE?

A. Floating point variables
B. Boolean states

C. Hash maps

D. Neural embeddings

3B

56. “Algorithm” 2reg $Y 3cuf fore fAga@ar F a7 @ Tafag?

A. Aryabhata

B. Al-Khwarizmi
C. Leibniz

D. Babbage

B

57. Al-Khwarizmi & rules fFd modern Al 819 #I theoretical foundation ATA
ST #?

A. Embedding models

B. Algorithmic problem solving
C. GANs

D. Quantum Al

3B
58. Leibniz o binary system &I 3ITURON FI fFT metaphysical faaR @ sz

A gI-dg

B. FT +TEl (0) 3R T F5 (1)
C. Siael-#7cg

D. AfF-Zait

3B



59. Jacquard Loom # punched cards T 3911 317sT fF4 3meyfarss derels & qaAT
&7

A. Database indexing
B. Programming instructions encoding

C. Display resolution
D. SD card storage

3B
60. Jacquard Loom a»‘rmgﬁa? computing %T “copy-paste” Qjﬁm gl ofTdl
2

A. TE T Scol HehdT AT
B. Jg audio encode &h{drl AT
C. YeaT 7 %S 9faAm reproducible 2t
D. % gg, fSarget Hrarar a1
3X: C

61. Babbage & Analytical Engine ¥ memory &T &TH &l T 4T1?

A. Magnetic disks
B. Mechanical cogs + punched cards

C. Vacuum tubes
D. Optical fibers

I:B

62. Analytical Engine % “general-purpose computer” 31 HTAT STdT 87

A. T Shadl SIS GehdT AT
B.3H# fixed operations T
C. I instructions SGelel I multiple functions & TehdT AT
D. a’ga’g’am or
3X: C



63.Jacquard Loom T & dehsihr 8131 F¥ bridging technology HTAT ST 87

A. Physics — Robotics
B. Biology - Al
C. Textile - Programming

D. Astronomy - Machine Learning

3% C
64. I Jacquard Loom & 3T classify fHaT AT, a‘rwgﬁmma‘?rgqmm
ddelte greir?

A. Narrow Al

B. Automation

C. Self-aware intelligence
D. Machine Learning

B

65. Al-Khwarizmi T F1H % modern ML concept & 310® A @raT §?

A. Loss function

B. Deterministic algorithmic flow
C. Convolution layers

D. Reinforcement rewards

3B
66. fU3TeT FT binary 31T Leibniz T binary & 37 §?

A. T93TeT &T phonetic 2T, Leibniz T numerical

B. faTel decimal 2T
C. Leibniz ¥ hdel poetry & Tl s/=A1T

D. GIaiT 3eTaT Al
IdCG:A



67. Enigma machine 1 §ad #f&< G&T fFH property & FROT AI?

A. Rotors I fixed position
B. Deterministic mapping
C. Continuous changing permutations
D.sH power usage
3% C

68. Enigma & total possible combinations &% order & 9?

A. Millions

B. Billions

C. Trillions (151 trillion+)
D. Quadrillions

3t C
69. Turing %Y Bombe machine {3 principle 9T &1 I 41?

A. Neural backpropagation
B. Pattern-based deductive reasoning

C. Clustering
D. Regression

3q:B
70. Germans ART ST Y ATIHTA “WETTER”/“HEIL” & YN FT B1IcT Bombe
&I 41 fArem?

A.28% machine heat Eﬂ?g’é
B. I% known plaintext attack I THT HIAT AT

C. 389 rotors slow & ST &
D. 398 key §H2T AT giair oY
3:B



71. Turing Y TFedT Al % T modern component FT YRS T&hd d?

A. OCR

B. Pattern Recognition
C. ML inference

D. Robotics kinematics

3B
72. ENIAC %! “general-purpose” F41 HTIT I1AT?

A. g BT a1

B. S8H games Wel ST Tohd

C. 39 reprogram fohaT ST TehalT AT
D. IF HTaTer TEeTetal o

3 C

73. ENIAC &) operate F{al & fIT T FHIT U351 UT?

A. Prompt forgeT

B. Switches flip 31X cables rewire
C. Keyboard attach

D. Face unlock

3d¢:B
74. EDSAC/EDVAC # Hi-HY sT$ a7 ar &Y ST ENIAC & 71T d?

A. Added memory size
B. Stored-program architecture

C. Faster fan
D. Wireless output

B

75. Dartmouth Workshop (1956) & FRUT g1 ae1 ram?



A. 9gell humanoid robot &1
B. Artificial Intelligence 2sg TGl ITAT
C. 9gall programming $7TST e

D. 9gelT ML ATSeT Tell

3B

76. McCarthy-Minsky-Shannon-Simon &I &1 & hypothesis 9T TgHd 2?

A. Al 200 TuT &T¢ g1

B. 72f1eT AeTar SRy e STeg W Fehel &
C. Machine Learning 3/83d g

D. Robots HT=ATY Tel HHST Tohd

3¢ B

77. Analytical Engine 31 ENIAC 3 F@9{d 37X #41 4T?

A. ENIAC electronic 4T
B.ENIAC # gears &
C. Analytical Engine reprogrammable =Tg 2IT
D. ENIAC binary =Tgi 2T
Jat:A

78. Enigma &I modern cryptography A Faaaear & equal HATdAT STaT8?

A. Factorization
B. NP-Hard permutation search

C. Greedy optimization
D. Linear regression

3B

79. Early rule-based Al & & a3 AT Fa71 fi?



A. Speed SET aaT odr
B. €1G oT6T Hehell AT
C. Data 31f8e a1
D. Hardware H@f 1
3¢ B

80. Rule-based systems “IF-THEN” logic &T 3931 #3d &, St modern ML &

fFas fAadia e

A. Model training

B. Manual annotation
C. Feature scaling

D. Prompt tuning

JaG:A
81. Machine Learning a:rg@ﬁamw%?

A. Rules manually for@sr
B. Data & 31T/ WX patterns T1&sIT

C. Shd ol JS-UcTel
D. Fixed logic
3d¢:B

82. ML system & smarter g T FRUT FIAT&?

A. RAM d¢dT
B. Data sGeIT
C. Charger dceldl
D. Screen refresh rate

3B



83. Deep Learning # “deep” FT 37X FATE?

A. ag?ra?,T data

B. Hidden layers &I depth
C. ag?rm computer

D. EI§?T<‘>I'®IT code

3a%:B

84. Neural Networks T 90T Fgl & AT 82

A. Airplane design

B. Human brain structure
C. Weather pattern

D. Earthquake signals

3B
85. Deep Learning {3 task & o 310+ wifawr wifea gam?

A. SMS typing

B. Speech & Image Recognition
C. Basic arithmetic

D. QR code scanning

3B
86. Intelligent Agent Y H1-HY &THAT ML systems ¥ 313 AT ST 82

A. Fadl data load FIT
B. Environment perceive + act toward goal
C. %hddl prediction
D. hdel memory store
3B

87. Intelligent Agents fd modern system & ¥s¥ fAse AR AT 8?2



A. Calculator
B. Smartphone Assistant
C. a9 3R
D. Textbook
3¢ B

88. Rule-based - ML - Deep Learning #T transition &7 fa@Tar g2

A. “Instructions” ¥ “Experience-based learning” ¥ ITaT
B. Heat & Cold computing
C. Robots & Humans
D. Internet ¥ Electricity

3a:A
89. Deep Learning FT a8 AfASE computational feature FATE?

A. Linear memory
B. Hierarchical feature extraction

C. Manual rule writing
D. Slow computation

3°:B
90. Al evolution & dieT TV & FlT-AT TN FH 872

A. Deep Learning - Binary -~ Rule-based
B. Rule-based — Machine Learning — Intelligent Agents
C. Binary - Generative Al - Algebra

D. Neural networks — Jacquard —» Enigma

B

91. Modern Al &Y afFd f7e Do & TASTT T 3T 82



A. Data + Compute + Algorithms
B.hdel Data
C.%hdel Hardware
D. %haof Mathematics

3TGA
92. Machine Learning ¥ #ia fF@ w3 amenfa g2

A. el mathematical formulas
B. Data ¥ patterns HI& T

C. Fixed rules 9¥

D. Random guessing 9¥

3¢ B

93. Machine Learning 1 s9agR fFa¥ 9 30F AT @A 8?

A. T A2 ST hael [AaH AT g

B.agmﬁmwgmm
C. {9 I fAvT o arerr safag

D. fSSToll & Tefer aTell 39ahT]

3da:B
94. ML systems ¥ fT “Examples” #T ${ffeT FaT gYelt 82

A. T systems 3T confuse Fdl &

B. 3 T@y 1 fem a7 et &

C. 3<ThT 39N hdof testing H EIAT &
D.d memory increase F{d &

3B



95. Data fFd TT A gY AhaT &?

A.hdd text

B. Text, Images, Audio, Videos

C. 3hdel numbers
D. 3hdof documents

EGIH
96. Structured Data FT FET TgdTeT FAT8?

A. Tg 3R 3cTaRRTd gIar g
B. 8% search rules 3ITTSC g1 &
C. 3HH ATF organization 31 fixed fields gl &

D. Ig §HLAT numeric gIdT &
3T C

97. Unstructured Data I Tsh HTATY fAAvdr #=arg?

A. TE 3TETT & searchable 81T g
B.SHH &S predefined format =181 T

C. Ig AT small size FTEIATE
D. 3¥ process WTEFW@HT%
3q:B

98. Unstructured Data & THsTA & fAT Machine f& techniques FT 3931
FATE?

A. 3def manual rules

B. Similarity-based mathematical analysis

C.Silence detection



D. &hddl sorting
3B

99. Algorithm &7 gIdT &7

A. Data compress sl I dehsilch
B. Step-by-step IfshaT it THATAT §oT Y
C. %ddl ranking system
D. %hdel memory storage rule

3a:B
100. Algorithm T J&T 3527 FAT5?

A. I &Y TsTell s
B. ShTH oI organized steps H gl el

C. Data &I corrupt ST
D. Hardware &I I d &dar

Id¢:B

101. 3T=S quality data & ML models 9T T Y3719 9SdT &7

A. Accuracy gcdl g

B. HIGe] T &TAAT hA glcil §
C. Accuracy SGal &

D. Model training & SITdl &

I C

102. 3f& Machine ! 9§ FH examples few ST, Y T T ysaT 8?

A. Model a’g’aé—q{ﬂa?rr
B. Model generalize a‘-l'éTER' qradT



C. Model H2IT correct BIFTT
D. Memory ag?ra'c,.ramail
3°a%:B

103. Machine Learning a;mymw%v

A. Data &1 delete & &elT
B. 377379 & SR FER FAT

C. HoJST I replace FIaAT
D. Memory dalal
3B

104. Machine Learning # “Pattern Recognition” FT Hddd FATE?

A. 3dd data store LT
B. Data # &Y HIHAT HatT ol
C. Hardware detect T

D. Rules memorize &h{dT

3q:B
105. ML systems &1 {&T & F4T §1eAT §?

A. Data &I HaITeAT

B. S} 0T 3cuet ada
C. Shde sorting Tl

D. Random output ¢=T

3B

106. Machine Learning % powerful =TT & $I9-8T dcg Tad ﬂ?ﬁ"!’\‘ﬂ' e?



A. Machine &7 3T

B. Data T I0TaT 3R AT
C. Computer &I screen size
D. Battery backup

3¢ B

107. Supervised Learning ¥ ATso fhy @t & Hr@ar g2

A. TS=TT STaTe aTef inputs
B. Labeled data
C. %hddl rewards
D. %hdd noise
3¢ B

108. Labeled Data # &7 A &laT 82

A. %o input
B. Input + Correct Output
C.%ddl video
D. hdf text
3da:B

109. Supervised Learning ST HET &1 FIT &7

A. Zero data requirement

B. High accuracy with sufficient labels
C. No training needed
D. A2 instant learning

3B



110. Classification fF¥ Y& Y learning ¥ AaAT 8?

A. Supervised

B. Unsupervised
C. Reinforcement
D. Semi-random

3G A
111. Regression f%d learning category # ATAT§?

A. Supervised

B. Unsupervised
C. Reinforcement
D. Hybrid

IFA:A

112. Supervised Learning FT HaW 3T challenge 4T §?

A. Too many labels

B. Data labeling S§ €3 oet ATelT gl g
C. Elflé' computation F!ﬁ ﬂT%U

D. g 95l AT g1 &

3da:B

113. ¢ Supervised model ! unseen data 31 FTT, A1?

A.EHUT correct g
B. Wrong ET Hehdl %’
C. Learning restart RGIES
D. Output empty fFerar g

3B

114. Image classification T &Y 3TUR F4T e



A. Random shapes
B. Labels 31X features
C.%hdd color
D. hdd size
3¢ B

115. Supervised Learning # model training f¥ 9T depend FIA 872

A. Label quality

B. Camera resolution
C. Internet

D. Power supply

Ja:A
116. Supervised Learning # prediction ¥ quality T 9T depend FIAT 8?

A. Sound system

B. Quality of labeled examples
C. Screen brightness

D. GPU temperature

3qU:B
117. Regression f»¥ &K #¥ values predict FIATE?

A. Categories

B. Continuous numerical values
C. hdof text

D. Image pixels

3d3:B
118. Classification model fF¥ output aT8?

A. Numeric

B. Probability-based categories



C. Only text
D. &dof audio
33¢:B

119. Supervised Learning ¥ overfitting FI g1 8?

A. Model SEdT & AT &
B. Model %ddf training patterns & TG X ofdl &

C. Model 5§ fast HECIGIE
D. Model predictions §¢ X T &

3B

120. Supervised Learning F! HI@s &1 Wafas aliwr #4182

A. Random examples
B. Consistent labeled datasets
C. %hddl audio data
D.hdd text data
3a:B

121. Supervised models FT 3941 fFH forv fFar STaT8?

A. Unknown grouping

B. Spam detection, Image classification
C. %hddl entertainment

D. &hdel gaming

3¢ B

122. Unsupervised Learning $I qET favarFarg?



A.3T# labels 7T g1
B.3H rewards fAed g
C. I8 hdel audio T TeIdT &
D.3EH fixed answers g1d ¢

3TAC¢A
123. Unsupervised Learning FIT @dT §?

A. Exact answers
B. Hidden patterns
C. Fixed outputs
D. Predefined labels

3qt:B
124. Clustering ¥ learning TR ¥ AafAT 8?7

A. Supervised

B. Unsupervised
C. Reinforcement
D. Linear

3qU:B
125. Clustering # groups H¥ T 8?

A. TSI manually AT &
B. Similarity % 37U W machine SeATcl &
C. Machine random S&ITdl g
D. %hdd developer & rules &
3B

126. Customer segmentation f¥ learning type ¥ g 1T §?

A. Supervised
B. Unsupervised
C. Reinforcement



D. Manual
33:B

127. Unsupervised model image grouping ¥ #IdT18?

A. Randomly
B. Similarity 2@
C. Fad labels @R

D. Height ST
3°l:B

128. Unsupervised Learning a?r:gmrmw%"

A. No need of labels
B. Zero training

C. Always accurate
D. Fixed time

A

129. Unstructured Data %! analyze 3 & Unsupervised F4T IqRE &7

A. FiTh 3T rules A B o
B. Tk I8 hidden relationships Gl GhdT &

C. Fifeh IE labels TATAT
D. i T§ §HAT numerical AT g
33:B

130. Clustering &1 393197 fhd fow fhar ST Awarg?

A. &hdd sorting

B. Image grouping, customer grouping

C. 3hddl noise removal



D. &hddl robotics
3d:B

131. Unsupervised #H cluster boundaries ¥ a3 gl &7

A. Manually
B. Data similarity & 31X 9

C. Random choice
D. System logs
3:B

132. Unsupervised Learning FI U& HoTS FAT§?

A. g SITeT labels T1fe@
B. &I clusters verify FHIcAT hideT

C.Ig gHATslow BT g

D. Ig supervised T identical &

3a:B
133. Unsupervised systems 1d-8T ST 8] FT Thd?

A. Hidden structure @IsT=lT
B. Guaranteed correct labeling
C. Pattern formation
D. Similarity measure T

3B

134. Unsupervised learning # similarity measure &1 39319 F4T gldT 8?

A. FAEHNR A9 & [T
B. T S1¥ items ITH oI & foIlT



C. Data delete = & foIT
D. Hardware connect 3 & T

3¢ B
135. Dimensionality reduction ¥ learning & 31781 {3187

A. Unsupervised
B. Reinforcement
C. Supervised

D. RNN

A A

136. Reinforcement Learning f&¥ fRgHTa W &1 Farg?

A. Only memorization
B. Trial-and-error

C. Exact labels

D. Manual rules

3qt:B
137. Reinforcement Learning # model & F4T f&aT ATaT 8?2

A. Rewards 3iX Penalties
B. Labels

C. Only clusters

D. Fixed answers

3AGA
138. Reinforcement Learning # objective FIT 8T e?

A. Reward maximize 31T
B. Labels recognize &h{aT

C. Clustering improve T



D. Colors detect il
IAdGA

139. RL agent forad daar %”

A. Only text
B. Environment interaction

C. Only sound
D. Only labels

3qt:B
140. RL H exploration &T 37 FAT¢?

A. Environment &I ignore hal
B. AT actions try ST
C. shdel reward collect =T
D. hdeof punishment
3B

141. RL & exploitation &1 37 F4T8?

A. Random moves
B. Past best actions & gIg31aT
C. o9 actions S elell
D. Environment ignore sl

3B

142. RL FT 94 3T challenge T g7

A. Glgd Jildlet glddl

B. Reward design 3{X compute cost

C. labels §EHT



D. &hddl step count
3B

143. RL agent 3Ted reward function glst 93 &7 g gFarg?

A. Correct action
B. Unwanted behavior
C. &S learning 8!
D. Zero performance

3:B
144. fFT T 7 RL & 3o @I TROMH e 82

A. Painting
B. Games like Go
C.%dd calculators
D. hdof image resizing
3a:B

145. RL W 9 & problems g I & WaTH §?

A. Static problems
B. Sequential decision-making
C. shdeT text sorting
D. &hadl clustering
3B

146. RL # reward delay ¥ Hi-0) THEIT 3T 87

A. Immediate clarity
B. Credit assignment problem
C. Underfitting



D. Overlabeling
3B

147. Reinforcement Learning $f §HedT FT el HIROT FT &7

A. No data requirement

B. Experience-driven self-improvement
C. Random guesses
D. &hael manual control

3B

148. Machine Learning ﬁmm#mﬂmﬁmaﬁmm%‘;

A. g had data processing &l &
B. I8 §AIX daily apps # smart decision making T &
C.Ig $hdcl games & TolT &
D. Jg §H Sclaice ol e {@rarg

3a:B
149. Climate Science & Machine Learning fF¥ YR #Agg FIATE?

A. &adl simple calculations
B. Satellite data & climate change I 3T HTeT

C. A% drR ¢@ & o

D. 3dol environmental conservation

3da%:B
150. Machine Learning FT 3931 f&det vast climate datasets # process F{d &

T T STarg?



A FAT H

B. g7 iR acH
C. il H

D. AgIAT A
3B

151. Medical Science # Al tools FT 3YANT Fgl [HAT SATAT &2

A. Patient T Fcg X T T HTe
B. Tumors 3iRX fractures T STec! detection
C. Doctor &I Alel & faIT
D. Patients &l relax & & foIT
3¢ B

152. Astronomers Machine Learning arrgr&mr»rﬁma?wa:ﬁmm%?

A. &ddl black holes @iﬂﬁfa?ﬁltf

B. Data mining 3{IX cosmic patterns Fr ggar & foiw
C. hddT stars T faeTclr

D. Satellite launching

Id¢:B

153. fF 9FAGH ML project o1 black hole FY 9gdll image F=Tst # #gg #I?

A. Google DeepMind

B. NASA Al

C. Event Horizon Telescope
D. OpenAl

I C

154. Agriculture # Machine Learning fF¥ Y& Tg/I+ 872



A. Sensors T data collect =T 31X crop prediction
B. hdof pesticides SlTel &
C. Weather prediction
D. Automated watering systems

A A

155. Environmental science # ML f5H YR q ASE HdTa?

A. Climate change ¥ prediction
B. Endangered species T tracking
C. Pollution monitoring
D. All of the above

3D

156. Machine Learning i a3g ¥ wildlife populations F! monitor FIAT §?

A. Temperature detection

B. Voice recognition

C. Image, sound, 3iX satellite data analyze &3TT
D. Speed monitoring

I C
157. fF¥ A8 & tasks A machine learning X 3gdX dil% W HEE HIATE?

A. T8 predefined patterns
B. Data analysis 3{IT hidden patterns & @iefel 7

C. Simple error corrections
D. &ddl fixed decisions

3B



158. Machine Learning FT role W 819 & HaW SATCT 9T T@T 87

A. Science
B. Business and commerce

C. Sports
D. Only entertainment

B

159. Customer segmentation & Machine Learning FT 3931 $d gdT1&?

A. TTgehT T fAT data & group 3T
B. User data T analyze 3a& 3+¢ clusters ¥ ST

C. Random customer grouping

D. &% demographic data collection

3B
160. ML &I AZE A finance 31T stock markets 7 FAT AT 82

A. Fadl price tracking
B. Real-time data analysis, trends 3{X market patterns & ggaret

C. %hdel trend-following
D. Historical data prediction

30a%:B
161. Fraud detection & Machine Learning FIT HIdT 8?

A. & transaction &I manually verify T
B. Normal activities I TE=T 31 3Tg1=T activity T flag =T

C. f&% bank transactions I track &{aT
D. Fraud shT 3TIHTeT manually &1

3B



162. ML # supply chain management T YR F1H HIaT 54

A. hdd items store FIaT
B. Products &Y fSishl &7 31TATT 3R delivery routes T optimization

C. Product catalog ' sort =TT
D. Marketing messages HSTe1T

Id¢:B

163. Dynamic pricing ML &T 39313 {6 ¥ YR FIAT8?

A. Fixed prices TGl
B. Customer behavior 3iX competitors & prices & 3R W real-time adjustments &

C.3hdd discount rates ¢aT
D. GRT=1 prices ATe, IGe1T
3¢:B

164. Small businesses ML Ty BIICT 33T Hhd 87

A. Marketing campaigns FI dgaX ek A target Flh
B. Random advertisement send =T
C. Products &I manually sort &3T
D. &% website traffic increase =T

JAGA
165. Email marketing # Machine Learning ST 3T fFT RE alare?
A. Marketing messages HTelT

B. Emails 3T unread @gﬁr IGAT
C. TE! A3 deh ol THT T TaT offers q'g*?n?n



D. 598 replies track T

3% C
166. Machine Learning #T role 4TI & FAT§?

A. Business decisions &l automating
B. Traditional business processes @I optimize T
C. Random decisions &=
D. Supplier & raw material TIIGaAT

3B

167. Machine Learning 5 YFKR A retail business # gIF AT 8?

A. Products T production increase sl
B. Customer preferences 3{IX behavior T analysis
C. hdof employee efficiency
D. Warehouse lights control ST

Id¢:B

168. Customer behavior patterns &T analysis FI H ML T g FIAT8?

A. 9T P T A
B. Decision-making process
C. Inventory management H
D. Product pricing &
3B

169. ML & 393197 ¥ E-commerce A 5T F1 &1 O fHAT A1 8?

A. Sales forecasting
B. Website design
C. Customer reviews generation



D. Product description writing
37AC:A

170. Machine Learning &T 3931 Hi-3 &1=1 ¥ g W@T8?

A. I 92 FRITR &

B. Finance, Healthcare, E-commerce, 31X Transportation

C.hddl TIPR H
D.had [AagaT &
3B

171. Dynamic pricing FIT&?

A. Prices &T manually adjust T
B. 1Al &7 real-time adjustment based on market conditions

C. Price fixing
D. El)TI?-T prices &I ¢@aIT
3B
172. E-commerce sites customer segmentation # ¥ technique FT 3TN
Il 82
A. Human decisions
B. Random customer grouping

C. Machine Learning
D. Static demographic data

I C

173. Stock market analysis & ML T 393 F4T fFar SATaT 272

A. &ddl market trends track F¥ & foIT
B. Decision-making &I smarter 3T faster §Te1 & oI



C. Errors calculate &% & ToIT
D. Random market predictions &3t & foIT

3B

174. Machine Learning % Y% & trading decisions ¥ #gg FIAT&?

A. Arbitrary guesses
B. Data-driven patterns 3{X analysis &

C. Only news reports
D. Event-based predictions

3B
175. Fraud detection # ML f5d aiie @ #1H S1a18?

A. &ddl user activity analyze #{ch
B. Behavior patterns &I monitor
C. %hddl transactions FI summary ¢EHT
D. Events %I manually filter #{h
3a:B

176. ML tools T YR A crime prediction # TgRIF g0 87

A. Predictive data 3iX crime statistics &

B. Random guesses

C. Only camera-based detection
D. Human analysis

JAdGA

177. Machine Learning humanities & $3d Aeg targ?



A. T8 entertainment &
B. Historical texts 3iX records &I analyze (e

C. Social media posts T track &=
D. %haof books &I sort =T
30l:B

178. Machine Learning historical archives H HY A FIATE?

A. I records T digitally sort 31X process e
B. Paper-based archives &I STelTeT
C. Documents %I manually read FI=T
D. Only sorting new data

3a:A
179. Languages H ML FJ H1H FIATE?

A. Language translation & foiT
B. &% text reading
C. Only writing new language
D. Pronunciation improvement

Jat:A
180. ML %1 39419 endangered languages & & a1 ST I@TE?

A. By generating new words

B. By analyzing small recorded speeches
C. By translating modern texts

D. By creating artificial voices

3B

181. Philosophy & Machine Learning &1 FIT eI 87



A. Ethical debates analyze a3 &

B. Random questions q& &

C. ks text sorting
D. Conversations generate el &

IdCG:A
182. Machine Learning ethics @‘ﬂ?ﬁ?\?ﬁﬂ'@'%’

A. &dd algorithms
B. Bias, fairness 3{IX decision-making
C. Artificial voice generation
D. 3hdol computation speed
3q:B

183. Machine Learning T 393197 cultural studies AFagara?

A. Textbook sorting

B. Social movement 3iX public opinion patterns track &3T
C. Website STl &

D. Only digital art creation

3B
184. ML FT 393197 Museums ¥ &y I @TE?

A. Only visitor counting

B. Artworks 31T artifacts & sort, label 3T restore #{ah

C. Only digital marketing

D. Only staff management

3B

185. Interactive exhibits TsF & ML &T 39319 hd fHATIATI@TE?



A. Data analysis
B. Museum tours organize Il
C. Visitors %l engage Fal & folw

D. Entrance ticket collection

IX: C
186. Human insight #\ replace #Is1 % S5, ML humanities & 9 a3 A

HIATE?

A. Human decisions @& ignore hal
B. Scholars I research # HAcg el
C. Machine & think =T &A@

D. Data input &l
3¢ B

187. ML &Y AGE W researchers ¥ AT insight F WIT @ &2

A. Language translation

B. Human history & hidden connections
C. Machine learning models
D. Only behavioral data

3a:B
188. Machine Learning FT & 3T BIIST FAT§?

A. Complex tasks 3! 3TETAT & solve T
B. Human thoughts I FHSTAT
C. %hddl data increase e

D. Simple calculations T

I A



189. Humanities # Machine Learning FT 3G FAT&8?

A. del data manage HaT
B. Human history, language 3 culture I analyze =T
C. Human emotions HHSIAT
D. Random decisions &=

3d:B
190. ML & ¥ Y o social media trends FY understand f&am?

A. Supervised

B. Unsupervised
C. Reinforcement
D. Deep Learning

3qt:B
191. Machine Learning #! #igg ¥ historical research 3 #IT improvement gam

&

A. Longer research time
B. Faster and more comprehensive data analysis

C. Slow process
D. Increased paper usage

B

192. NLP (Natural Language Processing) &Il qEq 32?’%# FATE?

A. Data storing
B. Machine &I human language JHSIAT

C. Image recognition
D. Noise filtering

3B



193. NLP # ’tokenization’ &1 FIT Addd 82

A. Q<G T BICT LT

B. dT&Y i tokens H dlSa1T
C. Data &I encrypt =T

D. hdel text HI TEITAT FHLAT
3B

194. NLP # 'token’ i3 FETATATE?

A. 2SS T BT &
B. aT&g T Uh SIS
C. TET3T T g
D. 2Ts¢, &I 3TIROT
3°l:B

195. NLP & T3 #, subword tokenization Y ST 8?2

A. a1t machine spelling errors &1 THST T
B. dTTeh words &l S TeTaT & disT 31 9
C. d1f%h machine pictures T T THST T
D. dTfeh sentences I translate fR3T 3T o

3B
196. NLP #H 'context window’ &T a7 37T 2

A. Machine GaRT I fahaT 31T fUS el tokens T g &AT

B. Data input window

C. I T Ygolt 31T 3R erse



D. 2Teg] & 1T 3R
3TaGA

197. NLP # ’spelling correction’ frds farw fFar simar 82

A. UTsET & TET & H URA & fow
B. AT ! THTY deTled o ol
C. anfeges 3713 & dgelet & forw
D. 2G] 3T TT e elet & ol
3T A

198. NLP # "text normalization’ &T FIT BE?REI'%"

A. Text ! BDICT HLT
B. AT &l Ueh HToleh & H IT=IT

C. 3TeTc] 2TeaT ol GeTell
D. hddl punctuation &I TgT el

3B
199. NLP # ’'embeddings’ T &Id §?

A. 770 T ST
B. 2TsGl T numerical form H Scoler T gfehar

C. sentences T AUTHIOT

D. Data mining technique

3B

200. NLP & word embeddings T 39317 4T fraT ST 872

A. 2TsGT I T b § JHSTA & forw
B. 2lea] &Y TEIAT3HT H scoler & fow



C. THT eaT I FHATST FATelT
D. %hael text I encrypt Fla & ol

3¢ B
201. NLP # ’semantic space’ &1 FIT Addd 8?

A. 2Teet & o Red 3R 35T 37T

B. 2TsGT I size
C. 2TsGi &7 phonetic structure
D. ersgi & I grammatical relationships

IJAGA

202. NLP & transformer models f&¥ forw yfager 82

A. Data compression
B. §S context &I Teh AT JHSTH H H&TH
C. BIC datasets T S§dX HIH el
D. haof text T encode T

3B
203. NLP # 'Next-Token Prediction’ #a18?

A. Data mining technique

B. 373Tel Teg; T 3eTHT SHMAT

C. Text I ATE HITAT

D. eTsGT o SI logical connection STATeT

3B

204. NLP # probability FT 3931 frg faw gar 2



A. TEY 2TeC; T TYeT el
B. 21sGT &1 SIS & folT
C. grammatical errors &l HOH'RFT & fow
D. sentences &I translate & & foIT

A A
205. ’Context window’ T 3THK fhde tokens d AT &?

A. 1000-2000 tokens
B. 200-500 tokens
C. 4000-8000 tokens
D. 100 tokens

3T C
206. NLP # ’sarcasm’ ) HSTA & Hle-HY THEAT 3T 87

A. TS T structure

B. Data T 311G

C. HTTITcHS Hohd 31X tone T 3THTT
D. 21sgi o literal 37%

3t C

207. NLP models & multilangual data aﬁ%@mﬁﬁmﬁw%‘*

A. T universal vocabulary
B. UcAh HTNT & ToIT 36197 model
C. Neural networks
D. Probability models

3TAC:A



208. Code-mixed language (S Hinglish) & faT NLP # f 3T 1 G1H=T

FLATISATE?

A. 1T TS Y g 3K IHST
B. hdel grammar errors
C. 2TsGT o size T 3R
D. Sentences T short BT

3at:A
209. NLP & multi-language systems & o7 #is7 AT challenge 81T 8?

A.Vocabulary ﬁ‘l’ﬁ}'aﬂ_{?ﬂ

B. Contextual meanings T 9dT odTTAT
C. §X $ITST I grammar T TGaT

D. %hadf translation

3¢ B

210.NLP & ’cross-lingual’ models FIT gl a7

A. TS &7 39T & ST T dTel models
B. [afie=T 81191311 & &1 translation & dTel models
C. 2SGT &l BICT Fel dTel models
D. Data mining models

3: B
211. NLP # language-specific rules %! & handle 371 JATaT8?

A. Th AT grammar T3 $T1311 & fore
B. &Y HTST & ToIT 37e19T rules
C. Grammar &l ignore fHIT STATE



D. Standardizing a1 ST &

Id¢:B

212. NLP # ’tokenization’ ¥ gR1eT 59 Usgl FI B BTAT & AT ST E, Y 39 F°47
FgT AT 8?7

A. Sentence splitting
B. Subword tokenization
C. Pattern breaking
D. Word embedding

B
213. NLP & #is7-d method ¥ machine sarcasm THST 7 T&TH &Il 82

A. Literal word matching

B. Emotional tone recognition
C. Contextual understanding
D. Grammar-based rule

It C
214. NLP # Mixed-language understanding ¥ s &1 7&7 ¥HEaT 8?7

A. &hdd translation

B. Contextual sense making
C. Data errors

D. Syntax mismatching

3:B
215. NLP & Contextual meaning &T FIT Agcd e

A. Only for spelling correction

B. For determining the right word choice
C. To simplify sentences

D. Only for sentence structure

I:B



216. NLP # sarcasm JgdTaa & o0 fFdeT 39T fFar smarg?

A. Literal meanings
B. Emotional tone and word choice

C. Word frequency
D. Sentence length

33:B
217. NLP & "Hinglish” ® A8 & Fla-W dhele Tad 3O TgaF gidr g?

A. Rule-based syntax analysis
B. Subword tokenization

C. Predefined dictionary lookup
D. Image recognition

I:B
218. NLP H word embeddings FTHET FRAFATE?

A. TsCT T size fAUTRA Feam
B. 2TsG I mathematical form & sSgelal
C. ¥Tscl T literal form H T&eT
D. Sentences &I short HIAT

Id¢:B

219. NLP # ’contextual relationship’ FTFAT HT AT e?

A. 2TsC] & TEY TATH W BT

B. TG o 372 &hT Ueh AT analysis el
C. 2151 & sound match FIT

D. 2TsG 1 Sl TG IGAT

3:B

220. LLM # ’semantic space’ FT 39ATT F4T fhaT SATAT 8?2



A. Words %I organize 3 & Tl
B. 2TsaT o 3727 3{X context FT mapping i & forw
C. A% text for@a & foIw
D. Only word length analysis

3B

221. LLM # ’probability’ &I 39a1r fFd 3827 & fow frar Smar 2

A. do word embeddings
B. Sentences &T meaning dalTel & foIT

C. Text &1 BI¢ 7EAl # faenfara st & forw
D. Correct grammar ﬂﬂﬁaﬁ?ﬂr

3B
222. LLM # 'Transformer’ architecture &7 9H G ST F41 2

A. Linear computations

B. Larger context understanding
C. Smaller models

D. Simple data processing

I:B

223. LLM & ’context window’ FT 3THR 5T §ls T FIT BIACT 1T &?

A. 37T words ITE g Gahd &
B. B¢ models g0 &
C. Data faster process gldil §
D. %adl calculation speed ST &

3TAC:A

224. LLM #H 'attention mechanism’ FT FIT ST AT 8?



A. TsET T gaelT

B. FFl%F:Nﬁ eTee] WX focus AT
C. 2TsGT T organize T

D. 2I<C| I shorten AT

3¢ B

225. NLP #’BERT’ FIT8?

A. Simple tokenization model

B. Pre-trained transformer-based model
C. Neural network optimizer

D. Sentence analyzer

B

226. NLP # ’GPT’ models & faw afagy §2

A. Text segmentation

B. Text generation and conversation
C. Grammar correction

D. Data preprocessing

3qU:B
227. LLM & 'Fine-tuning’ &1 &1 F4T§?

A. Model &' generic learning ¥ specialized task 9X train &1
B. Data cleanup

C. Word prediction

D. Sentiment analysis

JAd:A
228. LLM & ’Pre-training’ ¥ &R ATsel a1 H@dT 8?7

A. dTg &l structure
B. 2TsGT & &I relationships



C. 3TeTd spelling correction
D. Sentiment analysis

3¢ B
229. LLM # 'Reinforcement Learning with Human Feedback’ (RLHF) E?IBE?\'QZT

FATE?

A. Model &I unbiased SAT=T

B. Human feedback ¥ learning &I optimize &1
C. AlST T self-learning ST QT

D. Data filtering

3¢ B

230. LLM # ’common sense’ & 4T ﬂ%ﬁﬂﬁ AT SATATE?

A. FIifh T8 grammar rules 3T YTelel FLATE

B. Ig TEY Asal T IeiTd it H Heg Al &
C. IE AGT & literal meanings THSIAT ¢

D. Ig hddl keywords 9¥ focus Il g
3da:B

231. LLM #H sarcasm 3{X emotion T fa2avor 4} &ida grar &2

A. 2SET o ST THTAT hl hAT
B. Jg context 31T tone W AN Farg

C. ASaT T length @IH?IHT%'
D. NLP models &' large dataset ATgUT
3B

232. LLM # code-mixing ¥ HaTOd GHEAT FAT§?



A. Sentiment analysis ST
B. 2TsG| o ST grammatical errors
C. Multi-language 31X mixed language T &I AT [AehTelal

D. Text &I BT AT
3 C

233. LLM & language-specific rules # F& handle fFa1 JTAT18?

A. Fixed syntax structures
B. Predefined language rules

C. & language & foIT 376797-37eT9T models
D. One model for all languages

3atC
234. LLM & 'next-token prediction’ T ELCAD) FATE?

A. TET context T focus T
B. 373Tel Tee; T TET AT ST
C. Sentiment prediction
D. Text shortening

3da:B
235. LLM & ’embeddings’ ST 39197 F4T 3T AT 82

A. QTG Y FEAT3 H deorel & T
B. Data sorting & folT
C. Text translations & foIT

D. Machine learning tasks &I speed up & & foiw

JAdGA



236. LLM & ’sentiment analysis’ &1 FIT 33?’?21' 2

A. Text &l categorize =T
B. Text o UT<S T HTGT I FHSTAT
C.Text T length dGTT
D. Text &l BIC %W’f = Fﬂgc_rlT

Id¢:B
237. Al & ethical issues # GaX F31 forar FaT gAY e

A. Accuracy

B. Data privacy

C. Algorithm efficiency
D. Training time

3d3:B
238. Al # Bias fFd ®ROT AT E?

A. Data # 31& eIl
B. Algorithm I complexity
C. Machine learning %I speed
D. Data security

3T A
239. Al algorithms H fairness FT 471 37 §?

A. Equal computation power

B. Equal treatment of all data inputs
C. Speed optimization

D. Minimizing error rates

B

240. Al # 'Black-box’ HHEIT T FIT A &7



A. Al & decisions THSTT agfa\am g

B. Al FISoT T output AT HET gIcT &
C. Al 7 data input =T HREel &

D. Al model transparent g

A A

241. Al systems &) explainable T &Y 3TTLIFHAT F4T 87

A. d1feh fondl &T Y code THSTA T TR I &1
B. d1f%h decision-making process TIse g1 3 TEY ik & ST T 57 Toh

C. d1fe machine 3119 TadT &I G

D. dTfeh ST ael &
3°:B

242. Al 3 Privacy ¥ &I 49 93} ethical Rar Far8?

A. Al T computational speed
B. olIat & fXSHT STTeTehI_Y <hT &I o gletl
C.Data wag?ragrm
D. T&ECH &T low power consumption

3B
243. Al # accountability ST Aded F4T §?

A. Al &1 TIIT &9 § TAURT ot S EFdTAT ST
B. Al & gaRT fahT 31T fAuTat & foFAeRT a3 &telr
C. Al & decisions &I shddl speed & YR I ATGAT
D. Al T 3791 fo0Tat oh 8feTet ot 3reTA ey &=
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Al for All Question Bank

1. How does a mosquito find a human?
A. By sound
B. By CO, and body heat
C. By clothes’ color
D. By smell of water
Answer: B

2. What do honey bees do to indicate the direction of flowers?
A. Point by flying
B. Dance pattern
C. Change color
D. Make sounds
Answer: B

3. The sunflower turning towards the sun is an example of which type of intelligence?
A. Social intelligence
B. Plant intelligence (Heliotropism)
C. Memory intelligence
D. Electrical sensing
Answer: B

4. How does a shark detect its prey even when it is hiding under sand?
A. Smell
B. Electrical field sensing
C. Sound waves
D. Visual memory
Answer: B

5. A spider's web is an example of which type of intelligence?
A. Emotional intelligence
B. Architectural intelligence
C. Social intelligence
D. Limited memory
Answer: B

6. An octopus can solve complex puzzles because it has:
A. A powerful heart
B. 9 brains
C. Very sharp hearing
D. Extremely high physical strength
Answer: B



7. In an amoeba, how is intelligence visible?
A. High memory
B. Primitive chemical response
C. Social learning
D. Tool making
Answer: B

8. Dolphins are known for which kind of intelligence?
A. Visual intelligence
B. Mathematical intelligence
C. Social intelligence
D. Electrical intelligence
Answer: C

9. An eagle can see a rabbit 3 km away — this shows which intelligence?
A. Emotional intelligence
B. Visual + mathematical intelligence
C. Social intelligence
D. Memory intelligence
Answer: B

10. What is the true essence of intelligence?
A. Doing calculations very fast
B. Taking the right decision at the right time
C. Having a lot of memory
D. Only knowledge of language
Answer: B

11. What kind of intelligence does the human digestive system have?
A. Conscious
B. Automatic biological intelligence
C. Emotional
D. Random
Answer: B

12. What does self-awareness mean?
A. Studying more
B. Thinking about oneself
C. Making machines
D. Operating machines
Answer: B

13. Intelligence is a combination of what?
A. Only speed
B. A mix of many mental abilities
C. Only memory
D. Only imagination
Answer: B



14.

15.

16.

17.

18.

19.

20.

Why does a sunflower face east in the morning?
A. Because of wind

B. To get more sunlight

C. To attract pollinators

D. Due to lack of water

Answer: B

Al does those tasks which are usually done by whose intelligence?

A. Electricity

B. Human intelligence
C. Machine parts

D. Weather

Answer: B

Al is not a single machine, it is actually what?
A. Only software

B. A technology family

C. Only a robot

D. Only hardware

Answer: B

Face Unlock on your phone is an example of:
A. Automation

B. Facial Recognition Al

C. General Al

D. Super Al

Answer: B

“‘Recommended for you” on Amazon happens because of:
A. Random guesses

B. Human operators

C. Al pattern analysis

D. GPS

Answer: C

Why does YouTube show you relevant videos?
A. Internet speed

B. Al learns user behavior

C. Time zone

D. Phone model

Answer: B

The DigiYatra system is based on which technology?
A. Fingerprint scan

B. Manual checking

C. Face Recognition Al

D. Bar-code scanner

Answer: C



21.

22.

23.

24.

25.

26.

27.

What can Generative Al (GenAl) do?
A. Only detect

B. Only identify

C. Create new content

D. Only duplicate

Answer: C

How does Al help doctors?

A. Bed selection

B. Analyzing X-rays and medical reports
C. Hospital cleaning

D. Making medicines

Answer: B

On what does GenAl learn?

A. Just one book

B. Billions of examples available on the internet
C. A single photo

D. Without any data

Answer: B

Narrow Al is also known as:
A. Strong Al

B. Weak Al

C. Emotional Al

D. Full Al

Answer: B

What is Narrow Al especially good at?
A. Many different tasks

B. Only one specific task

C. Understanding feelings

D. Thinking entirely on its own
Answer: B

Google Maps is an example of which type of Al?
A. Super Al

B. General Al

C. Narrow Al

D. Self-aware Al

Answer: C

Where does General Al exist today?
A. In every mobile

B. Only in theory and research

C. In hospitals

D. In factories

Answer: B



28.

29.

30.

31.

32.

33.

34.

What will General Al be able to do?

A. Learn many tasks without explicit training each time
B. Do only one task

C. Only calculations

D. Only learning but no action

Answer: A

In what stage is Super Al today?
A. Fully deployed

B. Only imagination + research
C. Present everywhere

D. Only in laptops

Answer: B

What is the biggest feature of Reactive Machines?
A. They have memory

B. They have feelings

C. They react only to the present moment

D. Human-like planning

Answer: C

IBM Deep Blue was what type of Al?
A. Self-aware

B. Reactive Machine

C. Theory of Mind

D. General Al

Answer: B

Limited Memory Al:

A. Has long-term memory
B. Uses short-term data
C. Keeps no data

D. Understands itself
Answer: B

Self-driving cars use which type of Al?
A. Reactive

B. Theory of Mind

C. Limited Memory Al

D. Super Al

Answer: C

Theory of Mind Al will try to understand what?
A. Weather

B. Human emotions and intentions

C. Plants

D. Machine lifespan

Answer: B



35. Today, Theory of Mind Al is:
A. Fully built
B. In the research stage
C. In every home
D. In mobile apps
Answer: B

36. What will be the main capability of Self-aware Al?
A. Only following rules
B. Understanding its own identity
C. Only increasing memory
D. Doing coding
Answer: B

37. What could be the biggest risk of Self-aware Al?
A. Slow speed
B. Independent decisions
C. Small memory
D. Low battery
Answer: B

38. Automation is based on what?
A. Feelings
B. Fixed rules
C. Creativity
D. Randomness
Answer: B

39. A washing machine is an example of:
A. Al
B. Automation
C. Super Al
D. Emotional system
Answer: B

40. An ATM/ticket vending machine is:
A. Al
B. Automation
C. Self-aware
D. Super Al
Answer: B

41. Sending a fixed email every Monday is:
A. Smart Al
B. Automation
C. General Al
D. Self-aware behavior
Answer: B



42.

43.

44,

45.

46.

47.

48.

Conveyor machines in a factory are:
A. Automation

B. Super Al

C. General Al

D. Limited Memory Al

Answer: A

A canteen app remembering “how many times you ordered samosas” is which Al?
A. Reactive

B. Limited Memory Al

C. Super Al

D. General Al

Answer: B

What can Al analyze in a factory?
A. Workers’ skills

B. Fabric tear patterns

C. Machine faults

D. All of the above

Answer: D

What can automation not do?
A. Repeat

B. Learn

C. Work fast

D. Follow instructions
Answer: B

What is the main difference between Al and Automation?
A. Automation thinks

B. Al learns; Automation repeats

C. Al only repeats

D. Both are the same

Answer: B

Panini’s Ashtadhyayi is closest to which modern Al concept?
A. Neural Network

B. Rule-based Generative Grammar

C. Reinforcement Learning

D. Deep Learning

Answer: B

Panini’s sutras are similar to which computational principle?
A. Data Mining

B. Step-by-step deterministic Algorithm

C. Random Forest

D. Backpropagation

Answer: B



49.

50.

51.

52.

53.

54.

Pingala’s ‘guru—laghu’ syllable division is most similar to which modern technology?
A. Unicode system

B. Binary encoding (0 and 1)

C. Hashing

D. Vector Embedding

Answer: B
Aryabhatta’s “
approach?

A. Breadth-first search
B. Divide-and-Conquer
C. Genetic Algorithm
D. Convolution
Answer: B

Kuttakar method” in modern computer science is equivalent to which

The concept of “Divide and Conquer” appears in ML in which process?
A. Hyperparameter tuning

B. Decision Tree splitting

C. Output normalization

D. Gradient clipping

Answer: B

Brahmagupta establishing zero as a number is foundational for which Al-related area?
A. Speech Recognition

B. Numerical Computation

C. Robotics scaling

D. Prompt Engineering

Answer: B

The sequence Panini—Pingala—Aryabhata—Brahmagupta represents what kind of
computational evolution?

A. Memory — Speed — Automation — Security

B. Logic — Pattern — Algorithm — Computation

C. Data — Model — Prediction — Deployment

D. Input — Token — Layer — Output

Answer: B

Pingala’s binary concept came approximately how many years before the
invention/acceptance of zero?

A. 50 years

B. 200 years

C. 750 years

D. 1500 years

Answer: C



55. In Acharya Pingala’s system, ‘guru’ and ‘laghu’ are used in a way similar to how data
representation is today.
A. Floating point variables
B. Boolean states
C. Hash maps
D. Neural embeddings
Answer: B

56. The word “Algorithm” is derived from the name of which scholar?
A. Aryabhata
B. Al-Khwarizmi
C. Leibniz
D. Babbage
Answer: B

57. Al-Khwarizmi’s rules are considered the theoretical foundation of which modern Al area?
A. Embedding models
B. Algorithmic problem solving
C. GANs
D. Quantum Al
Answer: B

58. Leibniz connected the concept of binary system to which metaphysical idea?
A. Sun—moon
B. Nothing (0) and Everything (1)
C. Life—death
D. Power—energy
Answer: B

59. The punched cards used in the Jacquard Loom are similar to which modern technology?
A. Database indexing
B. Programming instructions encoding
C. Display resolution
D. SD card storage
Answer: B

60. Why is the Jacquard Loom called the “copy—paste ancestor” of modern computing?
A. It could change colors
B. It encoded audio
C. Patterns could be reproduced many times
D. It designed automatically
Answer: C



61.

62.

63.

64.

65.

66.

In Babbage’s Analytical Engine, what worked as memory?
A. Magnetic disks

B. Mechanical cogs + punched cards

C. Vacuum tubes

D. Optical fibers

Answer: B

Why is the Analytical Engine considered a “general-purpose computer”?
A. It could only add

B. It had fixed operations

C. It could perform multiple functions when instructions were changed
D. It was very small

Answer: C

Jacquard Loom is considered a bridging technology between which two fields?
A. Physics — Robotics

B. Biology — Al

C. Textile — Programming

D. Astronomy — Machine Learning

Answer: C

If the Jacquard Loom were classified today, it would be considered which kind of
intelligent technology?

A. Narrow Al

B. Automation

C. Self-aware intelligence

D. Machine Learning

Answer: B

Al-Khwarizmi’s work most closely resembles which modern ML concept?
A. Loss function

B. Deterministic algorithmic flow

C. Convolution layers

D. Reinforcement rewards

Answer: B

How are Pingala’s binary and Leibniz’s binary different?
A. Pingala’s was phonetic; Leibniz's was numerical

B. Pingala used decimal

C. Leibniz made it only for poetry

D. They are not different

Answer: A



67. What made the Enigma machine’s security so strong?
A. Fixed rotor positions
B. Deterministic mapping
C. Continuously changing permutations
D. Low power usage
Answer: C

68. The total possible combinations of Enigma were of which order?
A. Millions
B. Billions
C. Trillions (151 trillion+)
D. Quadrillions
Answer: C

69. Turing’s Bombe machine worked on which principle?
A. Neural backpropagation
B. Pattern-based deductive reasoning
C. Clustering
D. Regression
Answer: B

70. Why did starting German messages with “WETTER"/“HEIL” help the Bombe?
A. It reduced machine heat
B. It enabled a known-plaintext attack
C. It slowed the rotors
D. It made the key always the same
Answer: B

71. Turing’s success was an early sign of which modern Al component?
A. OCR
B. Pattern Recognition
C. ML inference
D. Robotics kinematics
Answer: B

72. Why was ENIAC considered “general-purpose”?
A. It was small
B. It could run games
C. It could be reprogrammed
D. It recognized voices
Answer: C

73. To operate ENIAC, what needed to be done?
A. Write prompts
B. Flip switches and rewire cables
C. Attach a keyboard
D. Use face unlock
Answer: B



74.

75.

76.

77.

78.

79.

80.

What new ability did EDSAC/EDVAC have that ENIAC did not?
A. More memory

B. Stored-program architecture

C. Faster fan

D. Wireless output

Answer: B

Why was the Dartmouth Workshop (1956) historically important?
A. First humanoid robot was made

B. The term Artificial Intelligence was coined

C. The first programming language was created

D. The first ML model was run

Answer: B

The McCarthy—Minsky—Shannon—Simon team agreed on which hypothesis?
A. Al would come after 200 years

B. Machines can soon learn human-like intelligence

C. Machine Learning is impossible

D. Robots can never understand emotions

Answer: B

What was the fundamental difference between the Analytical Engine and ENIAC?
A. ENIAC was electronic

B. ENIAC had gears

C. Analytical Engine was not reprogrammable

D. ENIAC was not binary

Answer: A

In modern cryptography, Enigma is equivalent to which type of problem?
A. Factorization

B. NP-hard permutation search

C. Greedy optimization

D. Linear regression

Answer: B

What was the biggest limitation of early rule-based Al?
A. Speed was too high

B. It could not learn

C. There was too much data

D. There was no hardware

Answer: B

Rule-based systems used “IF-THEN” logic, which is opposite to what in modern ML?
A. Model training

B. Manual annotation

C. Feature scaling

D. Prompt tuning

Answer: A



81.

82.

83.

84.

85.

86.

87.

What is the main principle of Machine Learning?
A. Writing rules manually

B. Learning patterns from data

C. Doing only arithmetic

D. Using fixed logic

Answer: B

Why do ML systems become smarter?
A. RAM increases

B. More data

C. Charger changes

D. Screen refresh rate increases
Answer: B

In Deep Learning, what does “deep” mean?
A. Very large data

B. Depth of hidden layers

C. Very expensive computers

D. Very long code

Answer: B

The inspiration for Neural Networks comes from:
A. Airplane design

B. Human brain structure

C. Weather patterns

D. Earthquake signals

Answer: B

Deep Learning has been most revolutionary in which tasks?
A. SMS typing

B. Speech & Image Recognition

C. Basic arithmetic

D. QR code scanning

Answer: B

Which capability of an Intelligent Agent is considered beyond normal ML systems?
A. Only loading data

B. Perceiving the environment and acting toward a goal

C. Only prediction

D. Only storing memory

Answer: B

Intelligent Agents are closest to which modern system?
A. Calculator

B. Smartphone Assistant

C. Web browser

D. Textbook

Answer: B



88. The transition Rule-based — ML — Deep Learning shows what?
A. A journey from “Instructions” to “Experience-based learning”
B. Heat to cold computing
C. Robots to humans
D. Internet to electricity
Answer: A

89. What is the most distinctive computational feature of Deep Learning?
A. Linear memory
B. Hierarchical feature extraction
C. Manual rule writing
D. Slow computation
Answer: B

90. Which is the correct order in the three phases of Al evolution?
A. Deep Learning — Binary — Rule-based
B. Rule-based — Machine Learning — Intelligent Agents
C. Binary — Generative Al — Algebra
D. Neural networks — Jacquard — Enigma
Answer: B

91. The power of modern Al comes from the combination of what?
A. Data + Computation + Algorithms
B. Only data
C. Only hardware
D. Only mathematics
Answer: A

92. On what is Machine Learning fundamentally based?
A. Only mathematical formulas
B. Learning patterns from data
C. Fixed rules
D. Random guessing
Answer: B

93. The behavior of Machine Learning is most similar to what?
A. A machine that only follows rules
B. A student learning from experience
C. A person making decisions without thinking
D. A device that just runs on electricity
Answer: B

94. What role do “examples” play for ML systems?
A. They confuse the system
B. They guide the direction of learning
C. They are used only in testing
D. They increase memory
Answer: B



95. In what forms can data exist?
A. Only text
B. Text, Images, Audio, Videos
C. Only numbers
D. Only documents
Answer: B

96. What is the main characteristic of Structured Data?
A. It is usually messy
B. Its search rules are vague
C. It has clear organization and fixed fields
D. It is always numeric
Answer: C

97. What is a common feature of Unstructured Data?
A. It is easily searchable
B. It has no predefined format
C. It is always small in size
D. Itis very simple to process
Answer: B

98. To understand unstructured data, machines use which techniques?
A. Only manual rules
B. Similarity-based mathematical analysis
C. Silence detection
D. Only sorting
Answer: B

99. What is an Algorithm?
A. A data compression technique
B. A step-by-step process to solve a problem
C. Only a ranking system
D. Only a memory storage rule
Answer: B

100. What is the main purpose of an Algorithm?
A. Save computer power
B. Solve tasks using organized steps
C. Corrupt data
D. Control hardware
Answer: B

101. What effect does good-quality data have on ML models?
A. Accuracy decreases
B. Learning ability reduces
C. Accuracy increases
D. Model training stops
Answer: C



102.

103.

104.

105.

106.

107.

108.

What happens if very few examples are given to a machine?
A. The model will run very fast

B. The model will not be able to generalize

C. The model will always be correct

D. Memory will grow a lot

Answer: B

What is the main advantage of Machine Learning?
A. Deleting data

B. Continuous improvement through experience
C. Replacing humans

D. Increasing memory

Answer: B

In Machine Learning, what does “Pattern Recognition” mean?
A. Only storing data

B. Finding hidden regularities/relationships in data

C. Detecting hardware

D. Memorizing rules

Answer: B

What is the main goal of ML systems?
A. Arranging data neatly

B. Producing better decisions

C. Only sorting

D. Giving random outputs

Answer: B

Which factor is most important for making Machine Learning powerful?
A. Color of the machine

B. Quality and quantity of data

C. Screen size

D. Battery backup

Answer: B

In Supervised Learning, what does the model learn from?
A. Inputs without answers

B. Labeled data

C. Only rewards

D. Only noise

Answer: B

What does Labeled Data include?
A. Only inputs

B. Input + Correct Output

C. Only video

D. Only text

Answer: B



109.

110.

111.

112.

113.

114.

115.

What is the main advantage of Supervised Learning?
A. Zero data requirement

B. High accuracy with sufficient labels

C. No training needed

D. Always instant learning

Answer: B

Classification belongs to which type of learning?
A. Supervised

B. Unsupervised

C. Reinforcement

D. Semi-random

Answer: A

Regression falls under which learning category?
A. Supervised

B. Unsupervised

C. Reinforcement

D. Hybrid

Answer: A

What is the biggest challenge in Supervised Learning?
A. Too many labels

B. Data labeling is very time-consuming

C. No computation is needed

D. It is always very slow

Answer: B

If unseen data is given to a Supervised model, then:
A. It will always be correct

B. It may be wrong

C. Learning restarts

D. Output becomes empty

Answer: B

What is the main basis of Image classification?
A. Random shapes

B. Labels and features

C. Only color

D. Only size

Answer: B

In Supervised Learning, model training depends on what?
A. Label quality

B. Camera resolution

C. Internet

D. Power supply

Answer: A



116. The quality of prediction in Supervised Learning depends on:
A. Sound system
B. Quality of labeled examples
C. Screen brightness
D. GPU temperature
Answer: B

117. What kind of values does Regression predict?
A. Categories
B. Continuous numerical values
C. Only text
D. Image pixels
Answer: B

118. What output does a Classification model give?
A. Numeric
B. Probability-based categories
C. Only text
D. Only audio
Answer: B

119. When does overfitting occur in Supervised Learning?
A. The model learns very little
B. The model memorizes only training patterns
C. The model becomes very fast
D. The model stops making predictions
Answer: B

120. What is the best way to learn Supervised Learning?
A. Random examples
B. Consistent labeled datasets
C. Only audio data
D. Only text data
Answer: B

121. Supervised models are used for what?
A. Unknown grouping
B. Spam detection, Image classification
C. Only entertainment
D. Only gaming
Answer: B

122. What is the main feature of Unsupervised Learning?
A. It has no labels
B. It uses rewards
C. It runs only on audio
D. It has fixed answers
Answer: A



123.

124.

125.

126.

127.

128.

129.

What does Unsupervised Learning search for?
A. Exact answers

B. Hidden patterns

C. Fixed outputs

D. Predefined labels

Answer: B

Clustering belongs to which type of learning?
A. Supervised

B. Unsupervised

C. Reinforcement

D. Linear

Answer: B

How are groups formed in Clustering?

A. Human makes them manually

B. Machine creates them based on similarity
C. Machine creates them randomly

D. Only based on developer rules

Answer: B

Customer segmentation is solved using which learning type?
A. Supervised

B. Unsupervised

C. Reinforcement

D. Manual

Answer: B

How does an Unsupervised model group images?
A. Randomly

B. By checking similarity

C. Only by labels

D. By height

Answer: B

What is the main advantage of Unsupervised Learning?
A. No need for labels

B. Zero training

C. Always accurate

D. Fixed time

Answer: A

Why is Unsupervised Learning useful in analyzing unstructured data?
A. Because it uses fewer rules

B. Because it can find hidden relationships

C. Because it creates labels

D. Because it is always numerical

Answer: B



130.

131.

132.

133.

134.

135.

136.

Clustering can be used for what?

A. Only sorting

B. Image grouping, customer grouping
C. Only noise removal

D. Only robotics

Answer: B

In Unsupervised Learning, how are cluster boundaries decided?
A. Manually

B. Based on data similarity

C. Randomly

D. From system logs

Answer: B

What is one difficulty in Unsupervised Learning?
A. Too many labels are required

B. It is hard to verify correct clusters

C. ltis always slow

D. ltis identical to supervised

Answer: B

What can Unsupervised systems not do?
A. Find hidden structures

B. Provide guaranteed correct labeling
C. Form patterns

D. Measure similarity

Answer: B

Why is similarity measure used in Unsupervised Learning?
A. To measure oceans

B. To bring similar items closer

C. To delete data

D. To connect hardware

Answer: B

Dimensionality reduction is often associated with which learning?
A. Unsupervised

B. Reinforcement

C. Supervised

D. RNN

Answer: A

On what principle does Reinforcement Learning work?
A. Only memorization

B. Trial-and-error

C. Exact labels

D. Manual rules

Answer: B



137.

138.

139.

140.

141.

142.

143.

What does a model receive in Reinforcement Learning?
A. Rewards and Penalties

B. Labels

C. Only clusters

D. Fixed answers

Answer: A

What is the objective in Reinforcement Learning (RL)?
A. Maximizing reward

B. Recognizing labels

C. Improving clustering

D. Detecting colors

Answer: A

From what does the RL agent learn?
A. Only text

B. Interaction with the environment
C. Only sound

D. Only labels

Answer: B

In RL, what does exploration mean?
A. Ignoring the environment

B. Trying new actions

C. Only collecting reward

D. Only punishment

Answer: B

In RL, what does exploitation mean?
A. Random moves

B. Repeating past best actions

C. Constantly changing actions

D. Ignoring the environment
Answer: B

What is the biggest challenge in RL?

A. Being too easy

B. Reward design and computational cost
C. Finding labels

D. Only step count

Answer: B

If the reward function is wrong in RL, what might the agent learn?
A. Correct actions

B. Unwanted behavior

C. No learning

D. Zero performance

Answer: B



144. RL has shown remarkable results in which field?
A. Painting

B. Games like Go

C. Only calculators

D. Only image resizing
Answer: B

145. RL is capable of solving which type of problems?
A. Static problems
B. Sequential decision-making problems
C. Only text sorting
D. Only clustering
Answer: B

146. What problem arises due to reward delay in RL?
A. Immediate clarity
B. Credit assignment problem
C. Underfitting
D. Overlabeling
Answer: B

147. What is the basic reason behind the success of Reinforcement Learning?
A. No data requirement

B. Experience-driven self-improvement
C. Random guesses

D. Only manual control
Answer: B

148. How is Machine Learning changing our everyday life?
A. It only processes data
B. It makes smart decisions in our daily apps
C. Itis only for games

D. It teaches us internet habits
Answer: B

149. How does Machine Learning help in Climate Science?
A. Only simple calculations
B. Estimating climate change from satellite data
C. Only for observing stars

D. Only environmental conservation
Answer: B

150. Machine Learning is used to process how quickly vast climate datasets?
A. In weeks

B. In days and hours
C. Inyears

D. In months
Answer: B



151. In Medical Science, where are Al tools used?
A. Estimating patient death rates
B. Early detection of tumors and fractures
C. For doctor’s jobs
D. To relax patients
Answer: B

152. For what purpose do astronomers use Machine Learning?
A. Only to find black holes

B. For data mining and identifying cosmic patterns
C. Only counting stars

D. Satellite launching

Answer: B

153. Which famous ML project helped create the first image of a black hole?
A. Google DeepMind

B. NASA Al

C. Event Horizon Telescope
D. OpenAl

Answer: C

154. How is Machine Learning helpful in Agriculture?
A. Collecting data from sensors and crop prediction
B. Only making pesticides
C. Weather prediction

D. Automated watering systems
Answer: A

155. How does ML help in Environmental Science?
A. Predicting climate change
B. Tracking endangered species
C. Pollution monitoring
D. All of the above
Answer: D

156. How does Machine Learning monitor wildlife populations?
A. Temperature detection

B. Voice recognition

C. Analyzing images, sounds, and satellite data
D. Speed monitoring
Answer: C

157. In what type of tasks does Machine Learning help us better?
A. Only predefined patterns
B. Data analysis and finding hidden patterns
C. Simple error corrections
D. Only fixed decisions
Answer: B



158. In which field is the role of Machine Learning changing the most?
A. Science

B. Business and commerce
C. Sports

D. Only entertainment
Answer: B

159. How is Machine Learning used in customer segmentation?
A. Grouping customers without data
B. Analyzing user data and clustering them
C. Random customer grouping

D. Only collecting demographic data
Answer: B

160. How does ML help in finance and stock markets?
A. Only price tracking

B. Real-time data analysis, identifying trends and market patterns
C. Only trend-following

D. Prediction using only historical data
Answer: B

161. What does Machine Learning do in fraud detection?
A. Manually verify every transaction
B. Learn normal activities and flag unusual activity
C. Only track bank transactions

D. Manually guess fraud
Answer: B

162. How does ML work in supply chain management?
A. Only storing items

B. Predicting product sales and optimizing delivery routes
C. Sorting product catalog

D. Sending marketing messages
Answer: B

163. How does Dynamic pricing use ML?
A. Keeping fixed prices
B. Real-time price adjustment based on customer behavior and competitors’ prices
C. Only giving discount rates

D. Remembering old prices
Answer: B

164. How can small businesses benefit from ML?
A. By better targeting marketing campaigns
B. Sending random advertisements
C. Manually sorting products

D. Only increasing website traffic
Answer: A



165.

166.

167.

168.

169.

170.

171.

How is Machine Learning used in email marketing?

A. Sending marketing messages

B. Keeping emails unread

C. Delivering the right offers to the right people at the right time
D. Only tracking replies

Answer: C

What is ML'’s role in business?

A. Automating business decisions

B. Optimizing traditional business processes
C. Making random decisions

D. Buying raw material from suppliers
Answer: B

How is Machine Learning helpful in retail business?
A. Increasing product manufacturing

B. Analyzing customer preferences and behavior
C. Only employee efficiency

D. Controlling warehouse lights

Answer: B

What does analysis of customer behavior patterns with ML help with?
A. Understanding people

B. The decision-making process

C. Inventory management

D. Product pricing

Answer: B

With ML, which task is made easier in E-commerce?
A. Sales forecasting

B. Website design

C. Generating customer reviews

D. Writing product descriptions

Answer: A

In which areas is Machine Learning being used?

A. Only large businesses

B. Finance, Healthcare, E-commerce, and Transportation
C. Only government

D. Only advertising

Answer: B

What is Dynamic pricing?

A. Manually adjusting prices

B. Real-time price adjustments based on market conditions
C. Price fixing

D. Just looking at old prices

Answer: B



172. E-commerce sites use which technique for customer segmentation?
A. Human decisions

B. Random customer grouping
C. Machine Learning

D. Static demographic data
Answer: C

173. Why is ML used in stock market analysis?
A. Only to track market trends

B. To make decision-making smarter and faster
C. To calculate errors

D. To make random market predictions
Answer: B

174. How does Machine Learning help in trading decisions?
A. Arbitrary guesses
B. Data-driven patterns and analysis
C. Only news reports

D. Event-based predictions
Answer: B

175. How does ML work in fraud detection?
A. Only by analyzing user activity
B. By monitoring behavior patterns
C. Only by looking at transaction summaries

D. Manually filtering events
Answer: B

176. How do ML tools help in crime prediction?
A. Using predictive data and crime statistics
B. Random guesses
C. Only camera-based detection
D. Human analysis
Answer: A

177. How does Machine Learning help in humanities?
A. Only in entertainment

B. By analyzing historical texts and records
C. By tracking social media posts

D. Only by sorting books
Answer: B

178. How does Machine Learning help in historical archives?
A. Digitally sorting and processing old records
B. Burning paper-based archives
C. Reading documents manually

D. Only sorting new data
Answer: A



179. How does ML work in languages?
A. For language translation
B. Only text reading
C. Only writing new languages

D. Improving pronunciation
Answer: A

180. How is ML used in endangered languages?
A. By generating new words
B. By analyzing small recorded speeches
C. By translating modern texts

D. By creating artificial voices
Answer: B

181. What is Machine Learning’s contribution to Philosophy?
A. Analyzing ethical debates
B. Asking random questions
C. Only sorting texts
D. Generating conversations
Answer: A

182. Which issues are related to Machine Learning ethics?
A. Only algorithms
B. Bias, fairness, and decision-making
C. Artificial voice generation

D. Only computation speed
Answer: B

183. How is Machine Learning used in cultural studies?
A. Textbook sorting

B. Tracking social movements and public opinion patterns
C. Making websites

D. Only creating digital art
Answer: B

184. How is ML used in museums?
A. Only counting visitors
B. Sorting, labeling, and restoring artworks and artifacts
C. Only digital marketing

D. Only staff management
Answer: B

185. How is ML used in creating interactive exhibits?
A. Data analysis
B. Organizing museum tours
C. Engaging visitors
D. Collecting entrance tickets
Answer: C



186.

187.

188.

189.

190.

191.

192.

Instead of replacing human insight, how does ML help in humanities?
A. Ignoring human decisions

B. Helping scholars in research

C. Teaching machines to think like humans

D. Providing data input

Answer: B

With ML’s help, what new insights are researchers finding?
A. Language translation

B. Hidden connections in human history

C. Machine learning models

D. Only behavioral data

Answer: B

What is the biggest advantage of Machine Learning?
A. Solving complex tasks easily

B. Understanding human thoughts

C. Only increasing data

D. Doing simple calculations

Answer: A

What is Machine Learning’s contribution in humanities?

A. Only managing data

B. Analyzing historical manuscripts, language, and culture
C. Understanding human emotions

D. Taking random decisions

Answer: B

Which type of ML has been used to understand social media trends?
A. Supervised

B. Unsupervised

C. Reinforcement

D. Deep Learning

Answer: B

What improvement has Machine Learning brought in historical research?
A. Longer research time

B. Faster and more comprehensive data analysis

C. Slower processes

D. Increased paper usage

Answer: B

What is the main objective of NLP (Natural Language Processing)?
A. Data storing

B. Enabling machines to understand human language

C. Image recognition

D. Noise filtering

Answer: B



193. In NLP, what does ‘tokenization’ mean?
A. Shortening words
B. Breaking a sentence into tokens
C. Encrypting data
D. Only summarizing text
Answer: B

194. In NLP, what is a ‘token’?
A. A shortened form of a word
B. A unit of a sentence
C. Alist of numbers
D. A word’s pronunciation
Answer: B

195. In NLP, why is subword tokenization necessary?
A. So that the machine can understand spelling errors
B. So that words can be split into smaller parts
C. So that the machine can understand pictures
D. So that sentences can be translated
Answer: B

196. In NLP, what does ‘context window’ mean?
A. The portion of previous tokens remembered by the machine
B. Data input window
C. The first and last word of a sentence
D. The gap between words
Answer: A

197. In NLP, what is ‘spelling correction’ used for?
A. Correcting words into their proper form
B. Making the sentence normal
C. Changing literal meaning
D. Shuffling word order
Answer: A

198. What is the purpose of ‘text normalization’ in NLP?
A. Shortening text
B. Bringing sentences into a standard form
C. Removing wrong words
D. Only fixing punctuation
Answer: B

199. What are ‘embeddings’ in NLP?
A. Machine’s language
B. The process of converting words into numerical form
C. Sentence classification
D. A data mining technique
Answer: B



200. Why are word embeddings used in NLP?
A. To understand words in a simpler way
B. To convert words into numbers
C. To make all words identical
D. Only to encrypt text
Answer: B

201. What does ‘semantic space’ mean in NLP?
A. The size of words
B. The relationships and meanings between words
C. The phonetic structure of words
D. The grammatical relationships between words
Answer: A

202. Transformer models in NLP are famous for what?
A. Data compression
B. Being able to understand large context at once
C. Working better only on small datasets
D. Only encoding text
Answer: B

203. What is ‘Next-Token Prediction’ in NLP?
A. A data mining technique
B. Predicting the next word
C. Shortening text
D. Making logical connections between words
Answer: B

204. Why is probability used in NLP?
A. To choose the correct word
B. To connect words
C. To correct grammatical errors
D. To translate sentences
Answer: A

205. What is the typical size of a ‘context window’ in tokens?
A. 1000—-2000 tokens
B. 200-500 tokens
C. 4000-8000 tokens
D. 100 tokens
Answer: C

206. What problem arises in understanding ‘sarcasm’ in NLP?
A. Word structure
B. Lack of data
C. Lack of emotional cues and tone
D. Literal meanings of words
Answer: C



207. How do NLP models understand multilingual data?
A. One universal vocabulary
B. A separate model for each language
C. Neural networks
D. Probability models
Answer: A

208. What is the main problem for NLP in code-mixed language (like Hinglish)?
A. Grammar errors in both languages
B. Identifying and understanding both languages
C. Difference in word sizes
D. Sentences being short
Answer: A

209. What is a key challenge in multi-language systems in NLP?
A. Unifying vocabulary
B. Finding contextual meanings
C. Reading each language’s entire grammar
D. Only translation
Answer: B

210. What are ‘cross-lingual’ models in NLP?
A. Models working in a single language
B. Models translating between different languages
C. Models shortening words
D. Data mining models
Answer: B

211. How are language-specific rules handled in NLP?
A. One common grammar for all languages
B. Separate rules for each language
C. Ignoring grammar
D. Standardizing all grammar
Answer: B

212. When words are split into smaller units during tokenization in NLP, what is it called?
A. Sentence splitting
B. Subword tokenization
C. Pattern breaking
D. Word embedding
Answer: B

213. Which method helps machines understand sarcasm in NLP?
A. Literal word matching
B. Emotional tone recognition
C. Contextual understanding
D. Grammar-based rule
Answer: C



214.

215.

216.

217.

218.

219.

220.

What is the main issue in understanding mixed-language in NLP?
A. Only translation

B. Making contextual sense

C. Data errors

D. Syntax mismatching

Answer: B

What is the importance of contextual meaning in NLP?
A. Only for spelling correction

B. For determining the right word choice

C. To simplify sentences

D. Only for sentence structure

Answer: B

What is used to detect sarcasm in NLP?
A. Literal meanings

B. Emotional tone and word choice

C. Word frequency

D. Sentence length

Answer: B

Which technique is most helpful for understanding “Hinglish” in NLP?
A. Rule-based syntax analysis

B. Subword tokenization

C. Predefined dictionary lookup

D. Image recognition

Answer: B

What is the main function of word embeddings in NLP?
A. Determining the size of words

B. Converting words into mathematical form

C. Keeping words in literal form

D. Shortening sentences

Answer: B

What does ‘contextual relationship’ mean in NLP?
A. Words being in the right position

B. Joint analysis of word meanings together

C. Matching word sounds

D. Remembering words

Answer: B

Why is ‘semantic space’ used in LLMs?

A. To organize words

B. To map the meanings and context of words
C. Only to write text

D. Only for word length analysis

Answer: B



221. Why is ‘probability’ used in LLMs?
A. Only for word embeddings
B. To construct the meaning of sentences
C. To split text into smaller parts
D. To choose correct grammar
Answer: B

222. What is the main advantage of the ‘Transformer’ architecture in LLMs?
A. Linear computations
B. Larger context understanding
C. Smaller models
D. Simple data processing
Answer: B

223. What is the benefit of having a large ‘context window’ in LLMs?
A. More words can be remembered
B. Smaller models can be made
C. Data is processed faster
D. Only calculation speed increases
Answer: A

224. What is the role of the ‘attention mechanism’ in LLMs?
A. Finding words
B. Focusing on important words
C. Organizing words
D. Shortening words
Answer: B

225. What is ‘BERT’ in NLP?
A. A simple tokenization model
B. A pre-trained transformer-based model
C. A neural network optimizer
D. A sentence analyzer
Answer: B

226. For what are ‘GPT models famous in NLP?
A. Text segmentation
B. Text generation and conversation
C. Grammar correction
D. Data preprocessing
Answer: B

227. What is the function of ‘Fine-tuning’ in LLMs?
A. Training a model from generic learning to a specialized task
B. Data cleanup
C. Word prediction
D. Sentiment analysis
Answer: A



228.

229.

230.

231.

232.

233.

234.

What does a model learn during ‘Pre-training’ in LLMs?
A. Sentence structure

B. Relationships between words

C. Wrong spelling correction

D. Sentiment analysis

Answer: B

What is the purpose of ‘Reinforcement Learning with Human Feedback’ (RLHF) in
LLMs?

A. To make the model completely unbiased

B. To optimize learning using human feedback

C. To make the model purely self-learning

D. To filter data

Answer: B

Why is ‘common sense’ considered important in LLMs?
A. Because it follows grammar rules

B. It helps choose the right words

C. It understands literal meanings of words

D. It focuses only on keywords

Answer: B

Why is analyzing sarcasm and emotion difficult in LLMs?
A. Lack of similarity between words

B. It depends on context and tone

C. Words are short in length

D. NLP models need large datasets

Answer: B

What is the problem related to code-mixing in LLMs?

A. Doing sentiment analysis

B. Grammatical errors between words

C. Correctly interpreting multi-language and mixed language
D. Shortening text

Answer: C

How are language-specific rules handled in LLMs?
A. Fixed syntax structures

B. Predefined language rules

C. Separate models for each language

D. One model for all languages

Answer: C

What is the purpose of ‘next-token prediction’ in LLMs?
A. Focusing on correct context

B. Correctly predicting the next word

C. Predicting sentiment

D. Shortening text

Answer: B



235.

236.

237.

238.

239.

240.

241.

Why are ‘embeddings’ used in LLMs?
A. To convert words into numbers

B. For data sorting

C. For text translation

D. To speed up ML tasks

Answer: A

What is the purpose of ‘sentiment analysis’ in LLMs?
A. Categorizing text

B. Understanding the emotion behind text

C. Increasing text length

D. Splitting text into smaller parts

Answer: B

What is the biggest concern among ethical issues in Al?
A. Accuracy

B. Data privacy

C. Algorithm efficiency

D. Training time

Answer: B

Why does bias occur in Al?

A. Imbalance in data

B. Algorithm complexity

C. Speed of machine learning
D. Data security

Answer: A

What does fairness mean in Al algorithms?
A. Equal computation power

B. Equal treatment of all data inputs

C. Speed optimization

D. Minimizing error rates

Answer: B

What is meant by the ‘Black-box’ problem in Al?
A. Al decisions are hard to understand

B. Al model output is always correct

C. Inputting data into Al is difficult

D. Al model is fully transparent

Answer: A

Why is it necessary to make Al systems explainable?

A. So that no one needs to understand the code

B. So that decision-making can be clearly checked and understood
C. So that machines can be more independent

D. So that data always remains correct

Answer: B



242.

243.

244,

245.

246.

247.

248.

What is the biggest ethical concern between Al and privacy?
A. Computational speed of Al

B. Lack of protection for people’s personal information

C. Very large data size

D. Low power consumption of systems

Answer: B

What does accountability mean in Al?

A. Allowing Al full freedom to decide

B. Fixing responsibility for decisions made by Al
C. Measuring Al decisions only by speed

D. Allowing Al to forget its decisions

Answer: B

How can bias be removed from Al?

A. More data collection

B. Careful selection of data sources and continuous monitoring
C. Faster computational models

D. Only randomization techniques

Answer: B

What is meant by ‘unintended consequences’ in Al-based systems?
A. Predictable behavior of Al

B. Al decisions can never be wrong

C. Unforeseen negative outcomes of Al decisions

D. Al behavior is always beneficial

Answer: C

Which strategy is useful to increase the transparency of Al models?
A. Developing more complex algorithms

B. Revealing model architecture and explaining its performance

C. Keeping data private

D. Using only small models

Answer: B

What is the ethical relationship between Al and human jobs?
A. Al should always replace human jobs

B. Al should assist human jobs, not remove them

C. Al has no relation to human jobs

D. Al should be used only in technical jobs

Answer: B

What is ‘data poisoning’ in Al?

A. Feeding wrong data during Al training

B. Manipulating algorithms to slow the Al model
C. Monitoring the Al system

D. Performance testing of the Al model
Answer: A



249. What is the function of ethical hacking in Al?
A. Improving security of Al systems
B. Disabling Al systems
C. Stealing Al code
D. Speeding up Al systems
Answer: A

250. For Al-driven systems, what does ‘human-in-the-loop’ mean?
A. Keeping the entire Al process under human control
B. Leaving Al completely autonomous
C. Limiting Al only to mathematical functions

D. Letting Al work only on predefined instructions
Answer: A



