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Which of the following is an essential skill for a

faferfad A 9 19-91 & STeT agfae

Data Scientist? (Data Scientist) & foTT STIUS PN 82
a. Programming a) S IIEER]
b. Statistics b) TifeTe
c. Domain knowledge S0
d. All of the above Z)) B‘Qﬂjﬁﬁﬂlﬁ
Which programming language is most commonly mmﬁmmmﬁﬁm
used in Data Science? TITRRT YT S 1-31 22
a)C
2- j: b) STl
. Java
g
c. Python Z))q&%a?ﬂ
d. Assembly
Which of the following is an example of structured ﬁyﬁ'@ﬁﬁﬁﬁﬁ-mﬂﬁﬁ@,ﬂ
data? (Structured Data) T 3STGIUT &2
a. Aphoto a) wqﬁa
b. Atablein Excel :
b) THRId H U dlTferes
c. AYouTube video C))WW%

d. Asong file

d) T T &1 BIgd




Which of these is unstructured data?

frafafaa 9 & o1 siRfra ser

(Unstructured Data) %?

a. Student marksin a table a) BT HBE & 3P
b. Bank transactions in rows and columns b) tfeaal Ga;wq_hﬁaa;aq_a—,[
Cc. Anemail message o) Wgﬁﬁﬂa—-‘ﬂ
d. Salesdatain CSV file d) CSVWﬁW%ﬁT
In Data Science, graphs and charts are used for: mmﬁw Gﬁ?ﬂﬁﬁmﬂm
fere forar wiTar 82
a. Playing games a) W W & forw
b. Cooking b) @I §1 & g
c. Sleeping
d. Visualization c) @ﬁ$m

d) TP (Visualization

Which of these is an application of Data Science? mﬁﬁﬁq_mmmmw
SUART 82
a. Music a) Tifig
b. Sleeping b) T
:i. VF\)/aeI;:PIwE prediction c) .
' d) T &t yfasgaroft
Which of the following is a modern application of mﬁﬁﬁq_mmmm

Data Science?

Qa0 oo

Weather forecasting
Self-driving cars
Fraud detection
All of the above

SMYF ST 8?2

a) I &1 galgA=

b) gTferd (Self-driving) CaKy
¢) URATeST BT UdT AT

d) SIRIad It




8. Data Science is used in e-commerce platforms 8. éﬂ?ﬁﬁ@?ﬂ?ﬁﬁmmmﬂ@
mainly for: IuanT fay fore foran sirar 82
a) @I §9H & forg
a. Cooking Meals b) STSIR # Tfeerart s & forg
b. Selling vegetables in the market G_CCI'I_QP[ : o .
c. Recommending products %'Q &l STIRIT (Recommendation) FRAD
d. Playing outdoor games
d) 983 Ve W & g
9. In transportation, Data Science is used for: 9. trhagq (Transportation) ﬁ:«ﬂamm
SUUNT e forg fawa wmar g2
a. Self-driving cars a) WIIferd PR
b. Route optimization
b) ART (Route) BT SHAT
c. Traffic prediction ))UIFI'P(ZI'I:TL;Te) i )ﬁ yfyeramof
d. All of the above ;)Buﬁ?ﬂﬂ;-% ¢
10. A company groups its customers into segments 10. | U HYHT YA ATEH| Pl ITB| WIERI &
based on purchasing behavior. This is an example ABNR (Purchasing Behavior) P STYR T
of!: el ® fautfora st 8 | as faet Serexur
e
2' E:iz:g:st'on a) giffevor (Classification)
' ns b) FACAT (Clustering)
c. Regression R )
d. Reinforcement Learning c) (Regression)
d) EFW{T'F[ 3T (Reinforcement Learning)
11. Predicting house prices based on location, size, and | 11. | , 3TPR MR HHAI] B! TET & YR W WX

number of rooms is an application of:

a. Regression

b. Classification

c. Clustering

d. Reinforcement Learning

Dt BiHal Bt HiTwaTof H-1 fhaer
SaTERI &2

a) g (Regression)

b) grffezur (Classification)

c) FARERT (Clustering)

d) H:IW ST (Reinforcement Learning)




12. 12. | 3ASI (Amazon) TSI U | STCT ATEH HT
Amazon uses Data Science mainly for: SYRT frass forg Heanre?
o a) ANl &1 Higsgall B & forg
a. Predicting ra!nfall b)WﬁWW(Recommendation)%
b. Recommending products to customers ﬁ*ﬂ;!
c. Forecasting earthquakes . B i 3
d. Teaching school subjects c) 4 3l N éﬂ%m
d) ¥bd fawg g & forg
13. In agriculture, Data Science can help in: 13. q?ﬁ[ (Agriculture) ﬁmmmwm
B AHdl §?
a. Crop yield prediction
b. Soil quality analysis a)Bd I It yiysgarof
c. Weather-based irrigation planning
922 = S5 N (v o M ) IR R L LY
d. All of the above ) .
o AE oy RER g
d) STRIck gt
14. In transportation, Data Science is applied for: 14. Wgﬁ?l‘ﬁ'ﬂ (Supervised Learning) |
URAEUT STTAT (Training Dataset) W &IT
a. Optimizing traffic signals mm%—,
b. Designing self-driving cars a) WWW
c. Predicting traffic congestion b) P STITUC T
d. All of the above 3 ..
¢) STYC IR 3R I T 3T3TYe AaR
d) T Al $TYe 3R AT 3T3eYe
15. In supervised learning, the training dataset 15.

consists of:

a. Onlyinput features
b. Only output labels
c. Input features and their corresponding

output labels
d. Neither input nor output

JURAIgSS af (Supervised Learning) A
ufreor ST (Training Dataset) A T
T T 82

a) Had 3TYC B
b) ad 3H3CYC daey

¢) TTYC Wi 3R 3 Jafd 3m3eye
NS

d) 7@ 39Ye 3R 7 8 313eye




16. | Which of the following algorithms is commonly 6.  fagfafEag & ¥ =T Qﬁ'ﬁﬁa'q
used for supervised learning? (Algorithm) ATHTIG: aﬁh-
(Supervised Learning) H WA f&ar sirar
a. K-means
b. Linear Regression %?
c. Apriori Algorithm
d. DBSCAN a) K-means
b) Y ufem (Linear Regression)
¢) T TaNf¥eH (Apriori Algorithm)
d) DBSCAN
17." | Which statement is true about supervised 7. | uRargss affr (Supervised Learning) )
learning? TR PIH-AT HYT T 82
a. It does not require labeled data RN - . ﬂ ﬂ
b. Itis mainly used for anomaly detection a) ¥4 «lde]s sic] ﬁ SUERRER qﬁ
c. It predicts output based on labeled b) dg GBI =4 ﬁ ERHIN (Anomaly)
training data W%WW@H’[%
d. It only works for clustering problems c)Ug aac_s ElﬁT&‘I'UT éE‘[ (Labeled Training
Data) & TR TR 313cYc &I Yiqwqaroft
P . |
d) I8 Phad aawe i HEnslf & fore s
AT 3
18. Supervised learning is mainly concerned with: 18.
o g N hout JURAIgSS afer (Supe@r:vised Learning)
a. Discovering hidden patterns withou qEIa: o Tefera &2
labels
b. Learning from labeled data = N
¢, Only clustering data a) foT Q9 aTal STeT ¥ 30 Ue @ieAr
d. Only reducing dimensions b) EEEISEH (Labeled Data) g
¢) Had SICT BT FAC AT BHRAT
d) A AT (Dimensions) HH BT
19. The dataset is divided into: 19. maﬂ'ﬁ?\qﬁﬁmmm%o

a. Training set and clustering set
b. Clustering set and association set
c. Only one dataset
d. Training set and testing set

a) UTR&01 e 3R FeRe T de
b) TN T2 3R THRULH Je
¢) hdd Th SCRIC

d) TfRreror e 3R udieur de




Which is an input in supervised learning?

Supervised affrd g1Y9cC T gare?

20. 20.
e oredicted val a) GArgHTAd A (Predicted Value)
2 ¢ precicted value b) e lhdl TR (Accuracy Score)
b. The accuracy score } '
c. The confusion matrix ¢) P -TRYu "”éAaEL(COHﬁJSlon Matrix)
d. The features/attributes d) Bey / ﬁ@lw (Features/Attributes)
21. | Classification is used when the target variableis: | 21. | FATRITPH I (Classification) a9 ST
_ foraT SITdT 8 o919 @8 (Target) TR
a. Continuous
b. Categorical . )
. a) AR (Continuous)
c. Missing :
d. Undefined b) DIVicRey (Categorical)
c) ﬁq@ﬁ[ (Missing)
d) W
22. Which of the following is a supervised learning 22.
algorithm? fFrafafad % @ o19-a1 gurargss af
@ﬁﬁa‘q D)
a. K-means %
:' Zcf}ori a) K-means
Prio b) PCA
d. Decision Trees .
¢) Apriori
d) Aoy d&f (Decision Trees)
23. | Which supervised algorithm is best for predicting | 23. | @I T

categories like “spam” or “not spam”?

a. Linear Regression
b. Logistic Regression
c. K-means

d. PCA

YURATSSS TENINGH «“F a7~ a1
«fe W St Sfor 31 yfdwrmarft
B P [T T 3BT 82

a) I ufaHA (Linear Regression)

b) AlfRed gfami= (Logistic Regression)
¢) K-means
d) PCA




24, 24,
Which of the following is NOT a supervised Frafafea ¥ § 19-91 quRagss @+
learning example? G R ARELY| ;la- %?
;i s w1 s s
c. Grouping customers by buying habits b) ~ - .
d. Classifying images of cats and dogs c) Ulgdhl Ca) RECdl @i'&lé' P \3'||3(_'i| &
TYR TR FHfgd BT
d) foeeht SR ot @) Bfagt &1 Fifeor
PRAT
25. is the application of machine learning? | 25. e aff T &7 Th arﬂ'q!ﬂ'r[ %|
z' ien;émenta;.ar{alysis a) HTdTH P fALAYUT (Sentimental Analysis)
c. S}r)aeeé; I;;ed }zzgriecoginition b) & g (Traffic Prediction)
d. All the above c) HIYU 3R g B UgdaH (Speech and
v Face Recognition)
d) ST FHt
26. | Which of the following is the main goal of 26. | et afefr &7 BT A48T HT %?
machine learning?
a. Enable computers to learn data a) Oivli;[\di B 21 IR O 9&m 99T
b. To automate manual.tasks' b) ﬁa&mwﬁ G BT
c. To make computers intelligent . I
d. To generate self-aware machines ©) PR g’l&H.H Sl
d) 3{TH-IId CEIE|
27. | Choose the real-world application of ML from | 27.
the following. fFrafefaa & @ w=fa a1 (vL) &1

Fraud detection
Chatbots

Digital assistants
All of the above

aoc o

RT® giaT § Syt H1H-91 82

a) iﬁ”@T@ hT Ydl AT (Fraud Detection)
b) dedeH (Chatbots)

c) feforea 3‘@@?\? (Digital Assistants)

d) SuRIad gt




28. | Machine learning is a subset of 28.
a. Deep learning wefe (Machine Learning) e
b. Data carning TP JUHT (Subset) 32
c. Artificial intelligence
d. All of the above 2) g et (Deep Learning)
b) SerafT (Data Learning)
¢) $AT G (Artificial Intelligence)
d) SIRIa gt
29. is a supervised learning task. 29.
TP JURATSSS A1 R g
a. Reinforcement learning
b. Dimengionality reduction a) ﬁgq,ﬁ;[ﬁ—cr RIGK! (Reinforcement
C. Clust.ermg‘ Learning)
d. Classification b) SrIHTHfee Rea—H (Dimensionality
Reduction)
c) IR (Clustering)
d) giffeur (Classification
30. | What is a key difference between supervised 30.

and unsupervised learning?
Supervised learning uses labeled data

Supervised learning is faster
Unsupervised learning predict labels

eo o

Unsupervised learning uses labeled data

URATSSS 3R SFAYURATESS AT A
RS 3R T 82

a) JORATZSS AT Alacs Sl BT ITANT
FAT§

b) STYRATZS AT dacs Sl BT SUINT
AT 5

¢) gIRATZSS AT a9 &

d) SFTYIRATSS AT daed &1 Yigsgaroft
HRAT]




31. What distinguishes reinforcement learning 31. ﬁg‘qﬁ#ﬁ‘c a1 &t =g af<fT Tfaal
from other learning paradigms? A AT 3T BT 22
a. The use of labelled data RCIG ITANT
b. Learninf from labelled data a) mg?m
c. Learning through reward and penalities b) .
d. none c) 9H 3R @S (Reward and Penalties) &
HIEH Y HRaH T
d) TS el
32. | If a supervised learning model performs poorly | 32.
on both training and testing sets, what is the qﬁ Th Juidigss a1 ared uﬁ'[&-rUT
likely issue? 3R T&u1 G A WR TWRIE UG-
. BT B, Al TUTFad T FI1 8?2
a. Opverfitting
b. Dat
c Mao(aieeir;r:?;i lexi a) 3R (Overfitting)
. plexity v
d. Underfitting b) %\?T 3TN (Data Errors)
c) HTS'F[ SIfeddn (Model Complexity)
d) (Underfitting)
33. | What is the difference between classification 33.

and regression in supervised learning?

a. Classification predicts continuous
values

b. Regression predicts categorical labels

Classification predicts labels

d. Regression uses labelled data

e

JRATSSS A1 | Farifhe = iR
= o w7 efaR @2

a)wsmmmﬁuﬁw
BT
%)ﬂﬁmqavﬂa&’éaaﬁwﬁwﬁw
¢) TIPS et b HiTSaTOR el B
d) Fem dace ST 1 SUA FRAT |




34, 34,
What is the primary goal of unsupervised SAURAIS S AT &7 g 3%‘&'{{ T
learning? %?
Ttk ) g g
c. To find patterns in label data b) sal . D
d. To split data c) SRR @Gl
d) Sc1 B! faUTiord BT
35. 35.
Which qf the fqllowing is an example of ﬁgﬁ'@ﬁ ek a»ﬁ:r.'\q'r B R URCIESS]
unsupervised learning? AT (Unsupervised Learning) ®T
. 3TEIT 3?2
a. Decision tree
b. K-means clustering Ryof L
c. Linear regression a) 94 (Decision Tree)
d. Logistic Regression b) K-HI= T (K-means Clustering)
c) IR yfarmA (Linear Regression)
d) qlfRed gfammd= (Logistic Regression)
36. 36.

What type of data does unsupervised learning
work with?

a. Noise data

b. Labeled data

c. Unlabeled data

d. Both labeled and unlabeled data

SFYURATSSS AT (Unsupervised
Learning) fd TR & SeT & I1Y $TH
P12

a) R (Noise) gal
b) TSCS (Labeled) STl

(Unlabeled) gal
d) éa?s 3R 3FdETS gl 8T




37. 37 | -1 ST THRIE: SAURATS S
Which task is commonly solved by ?lﬁ'ﬁT aiRT5d far siTar %?
unsupervised learning?

a) Fiffeur (Classification)
a. Classification b) PIGUEE] (Regression)
b. Regression ¢) TH URIS Uﬁfﬂqﬂ (Time Series
c. Time series forecasting Forecasting)
d. Clustering d) T (Clustering)
38. | What is the primary goal of regression in 38.
machine learning? wehi= @ A == &1 T 3%5[5[ T
9

a. To classify data %

b. To cluster . . a) ST HI a"m PRI (To classify data)

c. To reduce dimensionally

d. To predict continuous values b) G ST (To cluster)
¢) HIYTH & H HRAT (To reduce
dimensionality)
d) FRAOR 911 @t Hid=Iamo &A1 (To
predict continuous values)

39. | Which of the following machine learning 39. | fFafafad 9 € o-91 a=i= af T

approaches is MOST closely associated with
inductive learning?

Supervised learning
Unsupervised learning
Reinforcement learning
Rule-based expert systems

o0 oo

W’W 331%3’ afeT (Inductive
Learning) & 9 Hal %?

a) guRdigss qAfAT (Supervised Learning)
b) URAIS SIEH (Unsupervised
Learning)

C) m@? At (Reinforcement
Learning)

d) Fam 3T fo=ivs Tummelt (Rule-based

Expert Systems)




40. In marketing, data science helps companies to: 40. -q-ﬁ;ﬁ-rr -a- é?l' m a;q-ﬁ-tﬁ P m—ﬁ
'qa—c‘r HIdI8?
a. Understand customer behaviour %
b. Personalize advertisements
c. Improve sales forecasting a) Uledh HdelR Eb;[ HHYT (Understand
d. All of the above customer behaviour)
b) faITU= &1 AfadTTd ST (Personalize
advertisements)
¢) foreh! qaigam™ o GUR HRAT (Improve
sales forecasting)
d) SIRIFd 4T (All of the above)
41]. Social media platforms use data science mainly 41.
for: e HifSar Wewid g1 U 9 Sel
o AT BT ST frad g Hvd 32
a. Weather prediction
b. File compression ..
¢. Hardware manufacturing a) g ﬁ lﬁmawﬁ (Weathe‘r prediction)
d. Analyzing user behavior and trends b) WIgd }Ttﬂgif (File compression)
c) E'Iéam fafor (Hardware manufacturing)
N [of e
d) SUUNThdl UdelR 3R DA h
hA[ (Analyzing user behavior and trends)
42. | The first step in data collection is usually: 42. | a1 WUE (Data Collection) H UGHT HSH

Model building
Identifying data sources
Data visualization

Data cleaning

o0 oo

STHAR TR T 8T 82

a) Hied ST (Model building)

b) ST IIdl ! Ugd HRATl (Identifying
data sources)

c) ST Egid (Data visualization)

d) ST TP HAT (Data cleaning




43, Which of the following is a primary data 43,
collection method? fFrafafea ¥ 9 ob-a1 nufie Ser wie
_ (Primary Data Collection) T GRiEal %?
a. Online surveys
b. Interviews o )
c. Observations a) SIS gdefor (Online Surveys)
d. All of the above b) HI&TP R (Interviews)
c) NIERIGE] (Observations)
d) SIRIad 4T (All of the above)
44, The main purpose of a data collection strategy in | 44.
data science is to: el ?TI?;W H 3T I8 U (Data
llecti trat DI T 5?
a. Collect random data from anywhere Collection Strategy) H@.m %
b. Gather relevant, accurate, and sufficient ﬂ %
data for analysis ?(): 1 t@ ‘Lﬁd dat f?’-a 2 ghl l E)”
c. Only clean existing data ollect random data .rom anywnere
d. Focus only on big data storage b) mw % 1%111 W, W th El'!Iﬁ'G[
Scl P ST PRAT (Gather relevant, accurate,
and sufficient data for analysis)
N A Y
¢) dc] Hv[al sCl Col| Tt HRAT (Only
clean existing data)
d) Hdd T Sl TRl IR &M PHigd HIAT
(Focus only on big data storage)
45. Al stands for: 45.

a. Automatic Integration
b. Advanced Information
c. Applied Innovation

d. Artificial Intelligence

AT YRT ATH FT 82
2) SfICTAfed LR
b)qgar%sgtf\rﬁm
c) Ulflg s g-IdRI-

d) T




46. Which of the following is a branch of AI? 46.
frafeiad & § &9 91 A1 & a1 82
a. Machine Learning
b. Natural Language Processing a) ﬂ"\fﬁ-_-[ E‘Iﬁ:’T
c. Robotics . .
d. All of the above b) TR Tl TR
C) Jdifea
d) IWRIad gt
47. Which programming language is most widely used | 47. | 39 Al ﬁ ﬂa@ G{f% B‘Q’!ﬂT[ ﬁ Gﬁ aﬁ‘ﬂ
in Al today? TR HToT b1 i &2
o o cono
) b) FORTRAN
c. BASIC ¢) BASIC
d. Python d) SIEDE
48. 48. | A1 H RAefeR" Woa BT T 37 82
The term “robotics” in Al refers to:
y i f . a) ARIH ST TdTierd U J B HR Fabvall §
a. Mac |ne§ that can perform tasks b) Wm T
automatically @,ET . ST
b. A programming language ©) N E(.I!Ia .\l
c. A data storage method d) Acded h IR
d. A network connection
49, 49. | Al U AT AW BT B TRHTNT
A learning problem in Al is defined by: ﬁ,—q-[ STl %?
Iz;. Data, Algorithm, Output 2) é—a, T{Fﬁﬁa_q, G{W
. Input, Process, Output b m
Cc. Rules, Memory, Inference )8 g ’ ’ : E
d. Task, Performance measure, Experience c) l g4, |||i| i', CN Ry




50. 50. | AR AT o "3{JHJ" (Experience) G|
In machine learning, the role of “experience” is q@m \’rﬂTIT‘ﬁT op} W 5]1%] —@?ﬁ %r,
usually provided by:
. a) saﬁa
a. Theinternet
b) STANTHAT A3
b. User manuals
¢. Performance metrics 9) Ela?iil fliéﬂ{l
d. Training data d) gfRreror @ET (Training Data)
51. 51. | =i QT H SVM &1 ORT 19 31 82
SVM in machine learning stands for:
simple Vector Model a) Riud ddex died (Simple Vector Model)
a. Simple Vector Mode maﬁ.@ ..
b. Statistical Variance Method b) . ﬁﬁlg (Statistical
c. Support Vector Machine Variance Method)
d. Standard Verification Mode c) Eldhlé dee’ AL (Support Vector
Machine)
d) RUss IRfhH A (Standard
Verification Mode)
52. 52. | SVM &I e IUanT fgds ferg faba ST
SVM is mainly used for: %?
a. Classification and Regression tasks a) a"w G-ﬁT Uﬁ'm:l:f (Classification and
b. Data storage only i
c. Sorting numbers Regressm\n) '
d. File compression b) d.>0|Q'1 S.CI HH§UI
¢) T3 &Y I HIAT
d) ®Igd HUts
53. 53.

In SVM, the data points that are closest to the
hyperplane are called:

a. Margins

b. Centroids

c. Clusters

d. Support Vectors

VM ¥ 4 Sc1 Uiy Sl gIRRWH & oy

T BId €, € 71 g 82

a) Ao (Margins)

b) UCISSY (Centroids)

c) Faed (Clusters)

d) JUIE dgey (Support Vectors)




54.

SVM is a type of:

Supervised learning algorithm
Unsupervised learning algorithm
Reinforcement learning algorithm
Deep learning model

ao o

54.

SVM ol TR &1 TEIRGH 82
a) JURAIgS a1 Tanfen (Supervised

Learning Algorithm)
b) SAYIRATZS AT TANRGH
(Unsupervised Learning Algorithm)

¢)
(Reinforcement Learning Algorithm)
d) g AT gisa (Deep Learning Model)

55. 55.
Which machine learning application involves S I 92T af=T &ﬁ;ﬂ:ﬁ'ﬂ Th ared ol
training a model to understand and generate ufRiférd = o Tfea % e 98 A9 St
human-like text? RC B THY TP 3R IIT R T2
a. Image classification Ao SRR B 2T ) )
b. Speech recognition a) (Image C%a.ss1ﬁcat10n)
c. Natural Language Processing (NLP) b) HIHUT qs_ AT (Spee?ch Recognition)
d. Predictive maintenance c) ah_g]_??l I g (Natural Language
Processing - NLP)
d) ufsfaca deqg (Predictive Maintenance)
56. 56. | DI A UBR BT T AT FHII:

Which type of machine learning is commonly
used in recommendation systems (e.g.,
suggesting movies or products)?

a. Supervised learning
b.Unsupervised learning

c. Reinforcement learning
d. Semi-supervised learning

R gommedt (Recommendation Systems)
A IuanT frar Srar § (o, fhed a1 Iarg
q-AT)?

a) guRdigss qAfeT (Supervised Learning)

b) ATYURAISS AT (Unsupervised
Learning)

c) ﬁ‘{tﬁﬁﬁ? 7T (Reinforcement
Learning)

d) @Tﬁ-ﬁlﬂ?ﬂ%@ fT (Semi-Supervised

Learning)




57. 57. | RY®1R=T goumeft (Recommendation System)
What is the main purpose of a recommendation P H-@;[ 3%3?1 T %?
system?
. a) SUTANTH AT P ATefasd =0 35
a. Torandomly show items to users Fc
b. To delete unused data
c. To suggest relevant items to users based b) z{qtﬁ'r[q Iasq. HIY éf[ ﬁ el
on their preferences c) SUARTHATS DI TG & SHTYR TR
d. To store data only I EIGE 3Ty JHHT
d) Had 3T TIg BT
Toh U I BT (AEH B & fere A
> A h lies k dical rul > o %l T
machine applies known medical rules to 0 o7 2o
diagnose a patient. This is an example of: IPNIPT Salex™ %
a. Deductive learning a) %?’% Eli,i l (Dedu(‘:tive Lea@ing)
b. Inductive learning b) 33% E'Hﬁ‘l (Inductlve Learning)
c. Reinforcement learning c) fEwrire af (Reinforcement
d. Unsupervised learning Learning)
d) 3IguRdIgs qAfT (Unsupervised
Learning)
Al H fsSfaeg af+n (Deductive Learning)
59. 59. | g frg wR snefed
Deductive learning in Al is mainly based on:
a. Random guesses a) qefes STJHTT (Random guesses)
b. General rules applied to specific cases b) |THTY I B il ﬁl ll IS A |5i| W I\
c. Learning rules from data DAl (General rules applied to specific cases)
d. Trial-and-error exploration c) S 3 gy die (Learning rules from
data)
d) Ttefur 3R Ffe & H1eaH § W (Trial-
and-error exploration)
?;‘e’%a QIEH (Inductive Learning) forg fazm
60. Inductive learning moves from: 60.

General - Specific
Specific - General
Rules - Proofs
Data - Storage

o0 oo

H BTH BT 872

a) qTHIY — fafRry (General — Specific)
b) fafzy — gm= (Specific — General)
C) fgw — v (Rules — Proofs)
d) ST — U (Data — Storage)




fesfdea af (Deductive Learning) fog

61. Deductive learning moves from: 61. ﬁ-_qn o B HIdl %?
:; SDF;::ﬁ; ;tGaeneraI a) fafRy — 9E= (Specific — General)
c . General - Specific b) %ET - é’?[ (Data — Data)
d Unknown 9 Unknown C) W — ﬁm (General —> SpeleiC)
d) 3JATd — 33T (Unknown — Unknown)
IR I (Feature Selection) T Oag Hdl
62. Feature selection helps in: 62. %:
a. Reducing overfitting h fﬁ % .
b. Improving model accuracy aO) fitting) ﬁ PH DT (Reducing
c. Reducing training time Vef,l mng a
d. All of the above b) HIS CARIEEEI deI-l (Improving
Model Accuracy)
¢) UTRI&0T §HY HH DHAT (Reducing
Training Time)
d) SR IHT (All of the above)
BIaR G (Feature Selection) T BT
63. | What is the prirr?ar'y goal of featqre selection? | 63. 3%-52-5[ =23l %?
a. To replace existing features with new ones.
b. To reduce the dimensionality of the dataset W VEors B § geoT
by selecting the most important features. a) 3 ﬁﬁ:‘q ¢ | 3
c.To increase the noise in the dataset. b) ecdq | ' W ! l.l
d. To make the model more complex SCTHe & Mg (Dimensionality) Bl HH
hHIAT
c) SCRIC H TR (Noise) del-l
d) Hisd B 3R Sfed ST
fFfaiRad d ¥ ®HR 994 (Feature
64. | Which of the following is a benefit of feature 64.

selection?

a. Increased training time.

b. Reduced model complexity.

c. Higher likelihood of overfitting.
d. Decreased accuracy

Selection) I ﬁ:r g7 dTH %?

a) gfRrefor g o Q'@ (Increased training
time)

b) AISd &1 SIfeeidl HH HIAT (Reduced
model complexity)

c) SIaRTBTET Bt TS delHl (Higher
likelihood of overfitting)

d) Hetddl H HHT (Decreased accuracy)
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65 Which algorithm inherently provides feature 65 T (Feature Importance) UaT- Hdl %?
importance for selection?
a.  Decision Trees a) fufg dé&f (Decision Trees)
b. K-means b) K-1 =g (K-means)
c. Naive Bayes ¢) dled CRE (Naive Bayes)
d. KNN d) KNN
12d S99 (Naive Bayes) FATRIBRR fod
66. Naive Bayes classifier is based on which theorem? | 66. ﬁl@lﬁ (Theorem) TR IIEG %?
. Pyth Th .
; Bayyesg‘l?PZZZreriorem a) UISYNTRY BT Rigid (Pythagoras
c. Central Limit Theorem Th@\orem) ~ . ,
d. No Free Lunch Theorem b) q.q{‘l T RiId (Bayes’ Theorem)
¢) Hed foffie 2IRY (Central Limit
Theorem)
d) 1 1 T ORA (No Free Lunch Theorem)
139 999 (Naive Bayes) [d UHR &1
67. What type of learning algorithm is Naive Bayes? 67. | @f Wﬂm %?
a. Supervised learning F‘Iﬁ:‘T . .
b. Unsupervised learning a) gRAIRS (Superwsed Lf:armng)
c. Reinforcement learning b) 3 R:quals% (Unsupervised
d. Semi-supervised learning Leamlng) i
c) ﬁ_{qvﬁﬁﬁ? (Reinforcement
Learning)
d) @I’Jﬂ—w qAfeT (Semi-Supervised
Learning)
129 999 (Naive Bayes) 1 & <Y 1
68. What is the main advantage of Naive Bayes? 68. %?

a. Veryslow training

b. Requires large memory
c. Simple and fast to train
d. Always 100% accurate

a) dgd efieft fRreor ufehdn (Very slow
training)

b) CE| TR D1 SHTa=G el (Requires large
memory)

¢) WX 3R IS ufremor (Simple and fast to
train)

d) BHRIT 100% TP (Always 100%

accurate)




T 99 Scred IR H=iA af- fafeai &

69. | What is the application of machine learning 69. 3‘|le;|'5nT[ EAK| CESIG] %?
methods to a large database called?
) . a) fa e 35‘11%"[ (Big Data Computing)
a. Big data Computing . o St ‘
- b) gax-c 3 A (Internet of Things)
b. Internet of things . AT
c. Data mining c) ST ArgfT (Data Mining)
d. Artificial intelligence d) W @@THT (Artificial Intelligence)
3 ST I 1 BT Al &, o TR A=A
70. What.is the tem knowr} as on Which the 70. | @f wﬂm T | (Sample Data) ¥
machine learning algorithms build a model YR R Ofed a9 %?
based on sample data?
a. Data Training a) @'ET Aél 7T (Data Training)
b. Transfer data b) G sal (Transfer Data)
c. Training data c) gfRrefur Ser (Training Data)
d. None of the above d) SIRIad H Y D13 Tal (None of the above)
¥ B (Random Forest) T &U
71. Random Forest is primarily used for: 7. | fpgp f%’fq IUanT fpar ST %?
g. gnly cIaSS|f|c.at|on problems 2) m a’m WG‘h % %I'Q (Only
- Onlyregression problems lassification problems)
c. Both classification and regression problems ¢ .
d. Clustering problems b)%?r SIRHEE Wﬁf%ﬁﬂ(%ly
regression problems)
¢) IIffeRT 3R Ufor = St gH=natt &
1%111 (Both classification and regression
problems)
d) FACRIT R3] & ol (Clustering
problems)
¥SH BN (Random Forest) b UHR &1
72. Random Forest is an example of: 72.

Supervised learning
Unsupervised learning
Reinforcement learning
Semi-supervised learning

o0 oo

AT TERen 82
a) gurdlgys St (Supervised Learning)

b) 3YURAIESS AT (Unsupervised
Learning)

c) ﬁ_{cﬁﬁﬁf T (Reinforcement
Learning)

d) W—W af (Semi-Supervised

Learning)




?ﬂ IR (Random Forest) oo &1 @?ﬂ
?

73. Random Forest is made up of: 73.
E: ﬁﬂs:lr;ig;leed de:;?;?onnttrf:es a) U Thd 0ig & (A single decision tree)
c. Neural networks b) Eb_é: fofg gef (Multiple decision trees)
d. Support vector machines c) Y (Neural Networks)
d) e daer ARiA (Support Vector
Machines)
YA BT (Random Forest) P T o
74. Random Forest helps to prevent: 74. Occ Hdl %?
a. Underfitting only W GISTFEF%T )
b. Overfitting only a) (Underfitting only)
c. Both underfitting and overfittin b) Pae HIRTBIET (Overfitting only)
g g . G'ﬁT .
d. None of the above ¢) 3T MR AT (Both
underfitting and overfitting)
d) SIRIGd H F B3 g] (None of the above)
ISH BT (Random Forest) g @aﬁ
75. Random Forest belongs to which ensemble 75. | AYE (Ensemble Method) J geferg %?
method?
a. Bagging a) aﬁﬂ (Bagging)
b. Boosting b) (Boosting)
c. Stacking c) I (Stacking)
d. Blending d) SATST (Blending)
Y& BRI (Random Forest) 1 T ATYH
76. Which of the following is a key advantage of 76.

Random Forest?

o0 oo

Easy to overfit

High variance

Robust to noisy data
Requires feature scaling

DI 182

a) ST ¥ 3fiaRfthe giHT (Easy to overfit)
b) 3= afvag (High variance)

¢) RIR dTel ST & Ufdl Hulgd (Robust to
noisy data)

d) PR BT P SISl (Requires

feature scaling)
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77. A system that can learn from data and improveits | 77. | 35 gy 3(0q qa‘g\)‘ﬁ p5) JUR B IJ&b. 39 1
performance over time is called: 8T STl %‘7 ’
a. Deep Learning a) :cﬂ-q Sl |V(D6?P Learning)
b. Internet of Things b) gaRC 31T55 frg (Internet of Things)
c. Cloud Computing ¢) FAT3E ST (Cloud Computing)
d. Machine Learning d) T SIGH (Machine Learning)
AT DT SUIIT {531 S Hehdll 5
78. Al can be used to: 78.
R . n a) HIYUT UgdI (Recognize speech)
a. Recognize speec Stre T i e
b. Solve complex problems b) : bl &h)ﬁ BN (Solve
c. Play games like chess complex pro e_t\ms -
4. All of the above ¢) YRS oY W WA (Play games like
chess)
d) SWRIad FHT (All of the above)
Al ® I 4 IMmeT o R difsar &1
79. 79. | guem 9 defid &2
Which branch of Al deals with understanding
. . 5 , .
images and videos: a) ﬁ_y]}?[ SiTaeT TR (Natural Language
. Processing)
a. Natural Language Processing i
b. Robotics b) Jaifead _(Robotlcs') '
c. Machine learning 9) 'JII"\"ﬂT-[ SRt (Machine Learning)
d. Computer Vision d) PR fasH (Computer Vision)
Al H, T WY (State Space) 1 UG
80. In Al, a state space represents: 80.

a. All possible states of a problem
b. Only the initial state

c.Only the goal state

d. Hardware memory

W%I

a) frat gu Y guft duifaa sraumd (Al
possible states of a problem)

b) had URINP 3MGRIT (Only the initial
state)

c) Had A&g TR (Only the goal state)

d) E'Iéa'q? AR (Hardware memory)




Al DI U Ycdb (Component) %I

81. 81.
is a component of Al a) ufdreor (Training)
a. Training b) ﬁ (Des1gn1ng)
b. Designing c) (Learning)
c. Learning d) Ugell 8 BRAT (Puzzling)
d. Puzzling
AITSIC (AT Agent) 370+ TATARUT
82 _ o ) 82 (Environment) & gy 1 IYTANT HIh
SN E—
AI‘ agent can interact with its environment by SNGT R qHd] %I
using .
a. only perceivers a) FHad q@fg?f (Only Perceivers)
b.only sensors b) W SRR (Only Sensors)
c. sensors and perceivers C) W 3R RN r(Sen.sors and Perceivers)
d. None of the above d) JURldd S CAEE | (None of the above)
HA gfGUdl (Artificial Intelligence)
83. is an example of an Artificial Intelligence | §3. Q\;I.C CARCTARY %|
Agent.
a. Human a) HI1d (Human)
b. Autonomous spacecraft b) T SA&l UM (Autonomous
c. Robot spacecraft)
d. All of the above ¢) Aale (Robot)
d) SWRIFd G4 (All of the above)
S¢T A9 H ST YREM (Data Security) BT
84. Data security in data science mainly aims to: 84. .

a. Protect data from unauthorized access
a. Increase data size

b. Delete old data

c. Visualize data

e 3e7T §
a) 3P Ugd U ST B! GREMT BT

(Protect data from unauthorized access)

b) ST BT MHR TG (Increase data size)
¢) QR '§¢1 §CHI (Delete old data)

d) ST BT TR HIAT (Visualize data)
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85. Unauthorized access to sensitive data is called: 85. W %?
: I?Data backup a) ST 93T (Data Backup)
. ata leakage
c. Data encryption b) SaT e (Data Leakage)
d. Data normalization c) el M (Data Encryption)
d) SeT AHasoeH (Data Normalization)
DT QE‘“I?EII Q@me—s’ (Ensemble
86. . o 86. | Method) 82
Which algorithm is an ensemble method?
o Linear Regression a) IR ufamHa (Linear Regression)
' g b) YsH BRE (Random Forest)
b. Random Forest ‘
c. K-Nearest Neighbors ¢) K-FHaedd TSl (K-Nearest Neighbors)
d. Naive Bayes d) dlgd CRR (Naive Bayes)
fgfeiRad 7 ¥ 7RI @7 RI%ed (Machine
87 Which of the following is a key component of a 87 Learning System) %1 J&T °9c®H cAGK:] %?
machine learning system?
a. Data a) @@T (Data)
b. Model b) HTST (Model)
c. Learning algorithm C) SRR (Learning Algorithm)
d. Allof the above d) SIRIad 4T (All of the above)
dg U Sl 3YC Sl b YR W
88. The component that makes predictions based on | 88. | yfgwyqrofy Hdr % 39 17 m %r’?
input data is called: ’
a. Dataset a) % q l - (Dataset)
b. Feature b) tbjER (Feature)
c. Model ¢) HISd (Model)
d. Label d) 9Id (Label)
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89. The set of input variables used to make 89. gYe ai}qu T B H[ W %?
predictions is called:
a) B (Features)
a. Features
b. Labels b) TS (Labels)
c. Algorithm c) Qv@i”?aﬂ (Algorithm)
d. Model d) HISsd (Model)
ST BT IUANT HRP Hied Bl JUR Bl
90. Thltle F;rocess of improving a model using data is 90. | yfehar 1 1 W %7
called:
. Testi . .
; Ter?il:iig a) T (Testing)
c. Validation b) TIRIETT (Training)
d. Deployment C) CINERIE (Validation)
d) SNIRE (Deployment)
UIRI&0 & TG, HIS BT WRIEU fbd TR
9. 9L | fopar SiTaT 82
After training, the model is tested on:
2 Trainine data Onl a) PHad URI&T Sal (Training Data Only)
b. Featurefs% Onl Y b) &I Bray (Features Only)
: y
c. Test Data c) TRIeur SeT (Test Data)
d. Label only d) Had dad (Label Only)
I 1 9P Jg AU P folt IYFIT foha
v o c
22. 92. | S § fob Aisd fordT ST UeRiH Sl

Which component is used to measure how well the

model performs?

Feature

Label

Algorithm
Evaluation metric

ao oo

87

a) PR (Feature)

b) TISd (Label)

c) TAENRed (Algorithm)

d) W Iﬂ% (Evaluation Metric)
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93. 93.
What is the first step in a Data Science project? a) arsfen (Modelling)
a. Modelling b) ST Feif= (Data Cleaning)
b. Data Cleaning c) W Gl qﬁ‘l-l\'l'q'[ (Problem Definition)
c. Problem Definition d) Scl ﬁ@\ﬂﬂl’é\fl&ll"l (Data Visualization)
d. Data visualization
a1 aﬁ'@m (Data Manipulation) & forg
o4 . . | 94. | g T Python TSR BT ITINT fIwaT STl
Which Python library is used for data %9
manipulation? :
a. NumPy a) NumPy
b. Pandas b) Pandas
c. Seaborn ¢) Seaborn
d. Matplotib d) Matplotlib
Python H TBHATHP TUMT (Numerical
9. Which lib . J4f ical tat 95. Computation) & %I'Q DI I ?I'r{aﬂ 2l
ich library is used for numerical computation 3T ST
in Python? fepam %?
a. Scikit-learn a) Scikit-learn
b. Matplotib b) Matplotlib
c. Pandas c¢) Pandas
d. NumPy d) NumPy
A=A af-T (ML) T 3fiaRfhfen (Overfitting)
%6. 9. | qy?

What is overfitting in ML?

Model is too simple
Model performs poorly
Model fits noise

Model has no bias

apow

a) aisd dgd 4R % (Model is too simple)
b) ATSH WRTE U&= HRT § (Model
performs poorly)

c) Asd TR (Noise) & 1Y fhe I SaT
(Model fits noise)

d) ATSd ¥ BHIs 9199 a1 § (Model has no
bias)




97. | Python TTSd &I TS TRICRM o1 82
97.
What is the file extension for a Python file? a) .text
b) .docx
a. .text ¢) py
b. .docx d) .csv
c. .py
d. .csv
iR RoeE (Linear Regression) &I
98. 98. W Bl %?
Linear regression predicts:
2. Numbers a) ﬂ'@lﬁ (Numbers)
b. Categories b) o] (Categories)
C. Images C) 1%‘3[ (Images)
d. Text d) TRC (Text)
99. 99.
Which algorithm is used in Unsupervised S Q@ﬂﬁ?ﬁ TYRAZS RICUE:]
Learning? IGIRT a?n %7
a) K-Means a) K-Means
b) Logistic Regression e )
¢) Support Vector Machine b)
d) Random Forest 9) E.“j'é dgex AL
d) ¥SH BRI
100. 100
Which of the following is an example of |. ﬁ'ﬁmﬁ pu ) Obal"l T SFYIRATSS a—ﬁ_‘m
. o
Unsupervised Learning? (Unsupervised Learning) 9T S&TER0T %?
a. Market segmentation .
b. Spam detection a) HI%E ITHCTMA (Market Segmentation)
c. House price prediction b) WY fgeaeH (Spang Detection)
d. Email classification ¢) TR DI HIFd BT GdIgHM (House Price
Prediction)
d) 30 FATRITB BT (Email Classification)
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